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Abstract

This research addresses some of the effects of the move from Unemployment Insurance
(U1) to Employment Insurance (EI) onindividuals behaviour. Thismove, which beganin
mid-1996 and was further implemented in legidative changes that took effect in 1997, is
still underway in that severa of the new provisionswill take a number of yearsto become
fully operational. Nonetheless, enough data are now available for an initial assessment of
some of the behavioural effects of the move from Ul to El. Individual contributions are
being recognized.

The main questions are the extent to which the move from Ul to El caused a significant
changein (i) the durations that individuas remain unemployed and (ii) the durations that
individuals spend in receipt of UI/El benefits. Adopting a primarily quasi-experimental
approach, the research assesses the effects of the Ul to EI move as a whole, without
attempting to disentangle the individua contributions of the various new legidative
provisons. The methodology, which builds on job search analysis and uses duration-
modelling of the determinants of the hazard out of unemployment or UI/EI benefit receipt,
also has some more structural elements in the modeling of demographic and regiona
effects, and in the treatment of seasondity. The work uses the Canadian Out of
Employment Panel (COEP) dataset, linked to UI/EI administrative records, and exploits
a draightforward “before/after” methodology using different cohorts of the COEP to
identify overall effects of the move from Ul to El.

Broadly speaking, the conclusions are as follows. Based on the evidence from the quasi-
experimental work that used matched cohorts for the same quarters from different
caendar years, before and after the introduction of El, the principal finding is that there
are small but pogitive effects of the move from Ul to El on the estimated hazard out of
unemployment. These effects are statistically significant in some of the estimated models
and in magnitude, when significant, amount to about a 20 percent higher probability of
unemployment spells ending at any point during the spell; this trandates into shorter
expected unemployment spells. However, since the results that | regard as the most
dependable on an a priori basis turn out to be the ones where El effects are the smallest,
caution is warranted in any strong interpretation of the results.

Using the pooled cohort results, the results for unemployment durations were somewhat
stronger in terms of overdl significance, athough these results are conditiona on the
particular assumed structure for seasondlity. Examining al types of job separations
together, the broadest specification led to a positive effect of EI on the hazard out of
unemployment with an implied upward (proportional) shift of about 10 percent. Again,
this leads to lower expected unemployment durations. Interestingly, when looking at
heterogeneity within the population, thistype of result was also found for individual s with
job separations coded as* Shortage of Work” and “ Other”, for men and for non-youth (age
25 plus) workers. But few significant effects from the move to ElI on unemployment
durations were found for persons coded as* Voluntary Quits’ or “Dismissas’, for women
and for youth.

EI Impacts on Unemployment Durations and Benefit Receipt



In contrast to the relatively clear results for unemployment durations, which showed some
small but significant effects and some interesting differences for different demographic
groups, the evidence for durations of time spent in receipt of Ul or El benefits is not
supported by significant statistical results. Using a variety of econometric methods, no
significant effect of the move to El on these benefit durations was found, neither in the
aggregate nor the sub-groups.

Finaly, it will be of consderable interest and importance to use data such asthe COEP in

the next few years to see whether these types of results continue as the longer-term
provisons of El become fully operative.

EI Impacts on Unemployment Durations and Benefit Receipt



1. Introduction

The research that has been performed under this contract and is detailed in this report
addresses some of the effects of the move from Unemployment Insurance (Ul) to
Employment Insurance (El) on individuals behaviour. This move, which began in mid-
1996 and was further implemented in legidative changes that took effect in 1997, is still
underway inthat several of the new provisionswill take anumber of yearsto becomefully
operationa. Nonetheless, enough data is now available for an initial assessment of some
of the behaviourd effects of the Ul to El change.

This work has two main focus, consistent with standard patterns of analysis and the
structure of past reports. These are the extent to which the move from Ul to El dters (i)
the durations that individuals remain unemployed and (ii) the durations that individuals
spend in receipt of UI/El benefits. The present research addresses these two issues and
examines how they have been affected by the C-12 legidation. The work thus fits
naturally under the mandate of Sect. 3(1) of Bill C-12 that cals for monitoring and
assessment of “how individuas, communities and the economy are adjusting to the
changes made by this Act to the insurance and employment assi stance programs under the
Unemployment Insurance Act.” 1t will also be of relevance to the issue of “whether the
savings expected as a result of the changes made by this Act are being realized.”

Conceptually, the types of effects we might expect on individuals unemployment or
benefit durations arising from different Ul and El program parameters may be the result
of induced changes in the job search behaviour of workers. Additionally, such duration
effects may a so arise from the response of firmsto changesin program parameters. These
types of duration effects are important in econometric policy anaysis for at least three
reasons. Firgt, thereis natural interest in macroeconomic evaluation of the effects of UI/EI
on the unemployment rate and on macroeconomic performance in genera. Much past
research has addressed the aggregate effects of Ul legidative changes on the national
unemployment rate, in addition to assessing the impact on unemployment rates of various
demographic and regiona groups. Duration effects are of course central to such issues
since, jointly with the incidence of unemployment, they determine the effect of policy
changes such as Bill C-12 on the macroeconomic performance of the economy. As the
substantial Canada-US unemployment rate gap of the 1980s has persisted and even
worsened into the 1990s, such economy-wide concerns must remain high on the policy
agenda.

Second, from an efficiency standpoint, key questions concern the microeconomic effects
of different unemployment and benefit durations; one example would be the de-skilling
that may occur over the course of along jobless spell. Thus, evidence of effects from Ul
and El program parameters on unemployment durations may be important because of the
microeconomic effects of lengthy unemployment durations. These types of effects might
be central in the formulation of a policy response to longer-term unemployment, even if
it were the case that there were little overall macroeconomic effects.

EI Impacts on Unemployment Durations and Benefit Receipt
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Third, evidence that UI/El program parameters induced changes in unemployment or
benefit durations would provide some indication of the importance of the worker moral
hazard associated with subsidy of (largely unverified) job search. In the standard
approach, UI/EI provides a valuable insurance function at the cost of the moral hazard
associated with subsidy of (largely unverified) job search. When the heterogeneity of the
job search behaviour in the unemployment population is recognized, this type of
assessment is vital for appropriate policy response.

EI Impacts on Unemployment Durations and Benefit Receipt



2. Methodology of the Research

The core analytical methodology builds on an earlier body of theoretica and empirica
research that addresses the determinants of benefit and unemployment durations.
(Referencesto thisliterature are given in the Bibliography.) Theoretically, the interpretive
framework derives from job search anayss, an approach widely used in labour
economics, athough in fact the nature of the empirical investigation is not limited to this
theoretical approach.

The basic model of job search by an unemployed individual is set in continuous time and
begins in a stationary environment, so there is no systematic tendency for the externa
Situation facing a searcher to change. Thus, this basic model initially excludes change in
circumstances associated with the exhaustion of Ul or El benefits. Extensions of the
model incorporating such features are discussed bel ow. In the core moddl, job offersarrive
at random intervals (that are beyond the control of the individual searcher) according to a
Poisson process with arriva rate d. If ajob islocated, it is permanent and yields a wage
w forever. When individuas are unemployed, they receive the current level of UI/EI
benefits, . Job offers are independently drawn from a known distribution of wages (with
finite mean and variance) and thereis no recall of an offer if it isrgjected. Individuals care
about utility which is linear in income and future income streams are discounted at a
constant rate r.

In such an environment, the value of accepting a job paying awage w is given by
e(w) =whr

the present vaue of receipt of w forever. In contrast, the value of being unemployed over
aperiod of length 72 is

u = bh/(L+rh)+(dh/(1+rh)E[max{Ve(w), V2 +(1-dh)V¥/(1+rh) +o(h)

where the fina term reflects the value of receiving more than one offer in the period of
length #; thisterm vanishesin the limit as/ shrinksto zero. Note that this second valuation
is defined implicitly in terms of itself and the other valuation. Together, these two
expressions yield a solution for the reservation wage w* since V¢(w) is increasing and
continuous in w, while I/’ is independent of w (depending only on its expectation). That
is, w* is the unique vaue that solves the valuation equation ¢(w*)=J".

One can hence derive the main result which is:
(w*-b)r=d(1-F(w*)[E(w|w3 w*)-w*]
The left hand side can be interpreted as the imputed interest income consequent upon the

rgjection of an offer of w* (and hence on receipt of 5 for another period); and hence,
represents the marginal cost of rejection of w*. The three right hand side terms are,

EI Impacts on Unemployment Durations and Benefit Receipt
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respectively, the offer receipt probability (i.e., the Poisson arrival rate), the region of the
offer distribution in which offers are accepted, and the marginal expected benefit of a
wage offer above w*. The reservation vaue that guides optimal behaviour equates the
margina cost and the expected margina benefit of acceptance and/or rejection.

In practice, use of this search theoretic framework as a guide for empirica analysis
requires some further modification. Specifically, the framework must take into account the
fact that the reservation wage, the centra construct in this analysis, is not typically
observed (or, if reported or “observed” in some sense, may be observed with error). Thus,
the model is extended to yield implications for observables such as unemployment
durations or durationsin receipt of UI/El benefits, the distribution of acceptance wagesin
the next job found, or the joint distribution of such wages and durations analyzed together.

In addition, one must address the appropriate modification of the basic risk-neutral,
stationary search model to incorporate more realistic and important institutional features.
These features might include exhaustion of Ul, potential asset depletion during ajobless
spell, changesin overall economic conditions during a search spell, finite-lived jobs, time-
varying search intengity, and firm behaviour that responds differently to applicants with
different elapsed durations (either based on some rea change that occurs with duration
such as skill depletion or based on bias against the longer-term unemployed). Mortensen
(2977), for example, addresses anumber of these extensions and a discussion with related
empirical analysis applied to Ul exhaustion (using US data) is provided in Meyer (1990).
In the context of the econometric analysis of durations, such extensionsyield implications
for duration dependence as the hazard out of unemployment — the conditional probability
that a spell will end in a given period, given its continuation to this period — varies with
the elapsed duration of unemployment.

Further discussion of these theoretical approachesis provided in the survey by Mortensen
(1986), a reference that covers principaly the theoretical model, and Devine and Kiefer
(1991), abook that surveys both structural and reduced forms of econometric approaches.
Moreover, other references, including some papers by the present principal investigator
that illustrate the nature of the prospective investigation, are included in the selective

bibliography.
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3. Legislative Changes
Introduced by EI

Bill C-12 introduced a large number of legidative changes, relative to the piecemeal
changes to Ul introduced earlier in the 1990s. Accordingly, the move from Ul to El isa
major one. Of particular interest for the present study, El-Part | involved both new
insurance elements — the average earning calculation, the divisor rule, the intensity
provisions and related work credit rules, and the family income supplement — aswell as
modifications of existing Ul parameters— the moveto an hours-based system, the change
in new entrant and re-entrant entrance requirements, the drop in maximum benefit
duration, and the reduction in maximum insurable earnings. Of course, when many factors
change at the same time, there may be difficulty in disentangling the individua effects of
each change, especidly if the principal method of empirical analysis follows a natura
experiment methodology. In practice, some of the El changes were immediate, becoming
effective in mid-1996, some were implemented at the start of 1997, and some, though
introduced in mid-1996, will only become fully operationa after severa years of tracking
of El usage has taken place.

For present purposes, the main consequence of this gradual phase-in of El is that one
might expect different effects in the early period of El coverage than subsequently.
Operationdly, the data we employ concern individuals with job separations in four
cdendar quarters of the Ul system (1995Q3, 1995Q4, 1996Q1, and 1996Q2), two
quarters of the initiad phase-in (1996Q3 and 19960Q4), and four quarters of the period of
fuller El coverage (1997Q1, 1997Q2, 1997Q3, and 1997Q4). Individualswith separations
in these various caendar quarters are labelled as being in cohorts 1-10. Cohorts 1-4 cover
job separators under the Ul system; cohorts 5-6 include individuals with job separations
during the El phase-in period; and cohorts 7-10 consist of job separators under the fully
implemented El system. However, one should note that, in view of the long-term effects
of some of the EI provisions, such as the intensity rule, assessment of the importance of
these long-term consequences will require data several years after the start of El.

EI Impacts on Unemployment Durations and Benefit Receipt
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4. Indicators

To conduct the analysis of these changes, thefirst requirement is an indicator of the length
of a benefit or unemployment duration. | present results below from the analysis of rwo
principal measures. the duration of UI/EI claims, and the duration of unemployment or
Jjoblessness, whether or not this latter duration is accompanied (in part or whole) by a
period of UI/El benefit receipt.

To understand the relationship between these two main indicators, one should understand
that some durations of unemployment may not be long enough to warrant the filing of a
UI/El claim, as some earlier work with the Canadian Displaced Worker Survey has
indirectly suggested (Storer and Van Audenrode 1993, e.g.). There may aso be other
reasons why eligible persons do not make benefit clams. Other durations may aso be
uninsured if the applicant lacked digibility (e.g., if classified as an unjustified voluntary
quit, or if lacking sufficient weeks/hours of qualifying employment). Some claims may
have a phase of benefit collection followed by a jobless period when UI/EI benefit
eligibility is exhausted. While the benefit collection period will be determined from the
administrative records aone, the jobless period will be determined as starting following
the Record of Employment (ROE) date (assuming the individual is jobless following this
separation) and ending at the date of starting work at the next job.

EI Impacts on Unemployment Durations and Benefit Receipt
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5. Econometric Models

In the present analysis of the El changes using these two indicators, | draw upon two
related approaches and research methodologies. The first of these is quasi-experimental
and the second is a more traditional structura analysis. Although it is not feasible to
review the extensive, detailed and technical literature on the benefits and potential pitfalls
associated with each approach, it is nonethel ess appropriate to give abrief summary of the
issues. In either case, “durations’ may mean either of the two main indicators discussed
above.

The standard structura approach seeks to model the determinants of durations, either
through simple regression techniques or by the use of duration modelling methods such
as estimation of the hazard function. The hazard is the conditional probability that agiven
spell will end in a certain period, conditional on its not having ended prior to that point.
Theregresson model issimpleto implement but suffersfrom econometric problemsif the
true hazard varies with the duration of the spell (the case of “duration dependence’) or if
some spells are ill in progress at the survey date and are hence right-censored (so that
the end date is not observed). In addition, the regression model does not naturaly fit into
a choice-theoretic framework (since an individual may not choose @ the outset how long
aduration to experience), whereas the on-going and sequential nature of ajoblessduration
(based on a sequence of decisions as to whether or not to accept ajob offer or to continue
with further job search) corresponds more naturaly to the underlying econometric
structure of the hazard specification.

Statistical and econometric methods used to estimate the hazard function can alow for
such “duration dependence” and can naturally accommodate right-censoring. In either
case, the structural gpproach seeks to control for other determinants of the duration —
factors such as education, sex, marital status, and regiona characteristics — and then to
assess the role played by the variable of interest (e.g., the UI/EI replacement rate).

The key problem in the standard approach is the identification of the effects of variation
inthe central variable. Typically thisproblem is*“solved” by assuming that its effect is not
completely captured by the other controls. Whether this truly solves the problem is an
open issue, however, and is one that depends on the credibility of the identifying
assumption. An example of this approach is the use of the legidative maximum on
insurable earnings under UI/EI as a means of generating sample groups with different ex
post replacement rates. In each case, the structural approach relies on the identifying
assumption that some variation in the key variable can be used to separate its own effect
from the effects of other controls.

EI Impacts on Unemployment Durations and Benefit Receipt
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The chief problem with such structural modelling arises from the observation that thereis
in fact little exogenous variation in the parameters of UI/El programs in many countries,
including Canada. If the level of weekly UI/EI benefits depends on past earnings — both
the level of these earnings (subject potentially to legidative minima and maxima) and the
duration of the insured employment in the qualifying period — then it may be very
difficult to separate out the direct effects of Ul on behaviour and the indirect effects of al
of the factors that influence past earnings. Estimates of benefit effects on unemployment
durations, say, may then be biased, athough in principle it is hard to determine the
direction of this bias. Furthermore, since Canadian UI/El program parameters are largely
national in scope (with the exception of regiona aspects of benefit igibility and the
variable entrance requirement to quaify for UI/EI), something like the state-level
variation exploited in some U.S. research, for example, is not available. If researchers or
policy practitioners have misgivings about the ability of non-experimental data to
distinguish between direct Ul effects and the influence of al of the other variables that
affect Ul digibility and receipt, conclusions from structural studies must be treated with
caution.

The aternative approach is a quasi-experimental (or natural experimental) technique that
exploits some variation in program parameters that can be thought of as exogenousto the
individuas involved. Of course, such an approach requires appropriate data that in some
way brackets a legidative change (or some other form of quasi-experimenta exogenous
variation in the program design). In the present case, such data are available by use of the
various cohorts of the Canadian Out Of Employment Panel (referred to as the COEP96 to
differentiate it from two earlier surveys by HRDC, the COEP93 and the COEP95).
Essentialy, the COEP96 data from the initia four cohorts can serve to provide the
“before” group under the old Ul system, while data from the subsequent cohorts of
COEP96 provide the “after” group subject to various elements of the provisions of El.
Specificdly, cohorts 5 and 6 provide data on the phase-in period of El, when some
provisons were operative but others were not, while cohorts 7-10 can serve for
assessment of the initial effects of El when fully operational. As can be seen in research
on the labour market effects of Bill C-17 (e.g., Jones 1997), areform of Ul earlier in the
1990s, comparison of the durations for these “before” and “ after” groups enables a quasi-
experimental assessment of the overall effects of the changes. Such quas or naturd
“experimental” methods have the advantage of using exogenous variation in UI/EI
program parameters to identify key effects, something that is typicaly not possible with
non-experimental data.

EI Impacts on Unemployment Durations and Benefit Receipt



6. Initial Specifications and Results
for Unemployment Durations

The framework for the initial analysis of the determinants of unemployment durations is
a hazard model of the underlying transitions. As noted above, this means that | studied
determinants of the probability that a given unemployment spell will terminate in the next
week, conditional on that spell not having yet ended prior to that week. This approach has
severa dtatistical advantages over, say, basic regresson analysis or the study of average
spell lengths aone, particularly in that it permits appropriate correction for spells that are
still in progress at the time of study. Within this genera framework, | particularly studied
a set of models due to Cox (1972), athough some aternative specifications that depart
from the Cox framework have also been estimated and are reported subsequently.

In thisleading approach, usually called the Cox Partial Likelihood Method, the hazard out
of unemployment is assumed to factor into two separate components. a baseline hazard
b(t, 0) that gives the (conditional) probability of a spell ending at a given time r when all
explanatory (or control) variables are set a the value 0; and a set of explanatory (or
control) variables that are assumed to act proportionally on this basdline. This latter
feature is the reason why these Cox models represent one variety of the class of models
known as proportional hazards specifications. The key element in the Cox framework is
that, owing to the partial likelihood approach, the baseline may assume any shape and
factors out of the likelihood equation; that is, the basdline is not estimated. Thus, the
hazard is given by the product of the two components.

h(tX(t)=b(t,0)e*VP

where X(#) is a vector of explanatory variables and p is the associated vector of
coefficients.

| presented the results of this type of Cox proportional hazard model on unemployment
durations first (measured since the Record of Employment (ROE) date that is derived
from the Canadian Out of Employment Panel (COEP)97 dataset). Specifically, | matched
up pairs of cohorts from the COEP96 on a seasona basis (those with job separation and
ROE date in 1995Q3 were matched up with those from 1996Q3, and so on), thereby
matching cohorts 1 and 5, cohorts 2 and 6, cohorts 3 and 7, and cohorts 4 and 8 in four
separate datasets. The first two of these four datasets provide a quasi-experimentd
comparison of the Ul period before July 1996 with the EI phase-in period in the third and
fourth quarters of 1996, while the last two of the four datasets give comparison of Ul and
El periods between 1996Q1/Q2 and 1997Q1/Q2 respectively. In addition, with the recent
avallability of data from the final two cohorts of COEP96, | have also been able to
construct datasets that match up cohorts 1 and 9 (both in calendar Q3) and cohorts 2 and
10 (both in calendar Q4). These newer datasets span spells that are two years apart (1995
and 1997, respectively) and can serve as one check on the results from the datasets for
cohorts that are only one year apart.

EI Impacts on Unemployment Durations and Benefit Receipt
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Initidly, it isimportant to allow for the maximum flexibility in the seasonal influence on
these durations. This is best performed by permitting the exact match of quarters across
caendar years. My earlier work (Jones, 1997) investigating Canadian unemployment
insurance data from the 1990s (using the COEP93 and the COEP95) suggested that such
seasonal factors were of considerable importance and could easily outweigh program
effectsif the policy changes involved were comparatively small. However, | aso address
an alternative empirica strategy below by pooling the datasets, restricting the seasond
effects to be of a particular uniform nature, and thereby gaining the advantages that may
accrue to alarger sample size. The sample sizes for the pre-El period (cohorts 1-4) are
now fixed. These samples may be too small for some of the demographic breakdowns one
might wish to address (effects on youth, on women, and on different regions, for
example). In this regard, there seems to be no adternative but to adopt some sort of
parameterized seasona structure and utilize datasets that pool individuals from different
cohorts.

Theinitial results for unemployment durations are contained in a set of Tables, with three
Tables for each pairwise-cohort dataset. Within each paired dataset, the three Tables
present the results for the overall sample, for those categorized as having had a separation
for reasons of ShortWork/Other, and for those categorized as having had separation
reasons of Voluntary Quit/Dismissal. Such heterogeneity in separation reason is
potentially very important and is hence investigated by allowing all estimated parameters
to vary according to the reason code. The small samples for many of the VQ/Dismissd
datasets are noted at the outset. Overall with four year-on-year comparisons, and two two-
years-gpart comparisons, and with each model having three Tables, theseinitial resultsfor
the hazard models of the determinants of unemployment duration are contained in
Tables 1-18.

In each case, four specifications of the explanatory variables were employed. First, | used
only adummy variable that takes the value 1 for an individua in the /ater cohort, and O
otherwise. These dummy variables are termed coh05, coh06, ..., coh09 in the respective
Tables. Second, | added the local unemployment rate to this dummy variable. Third, |
instead added indicators of sex (male=1, O otherwise), marita status (married=1, 0
otherwise), age, education (less than [high schoal], college, university), and four regiond
indicators (Atlantic, Quebec, Prairies, and British Columbia and the Territories). The
omitted (baseline) case thus represents an unmarried female with a high school education
living in Ontario. Finally, modd 4 in each of these Tables gives the nesting specification
that includes al of these demographic variables, the cohort dummy variable, and the
measure of local labour market conditions.

6.1 Ul and the El Phase-in Period

| address first the comparison of the Ul period and the El phase-in period by examining
Tables 1 and 4 that give the full sample results for the cohorts 1 & 5 and 2 & 6 datasets,
respectively. The results in Table 1 display a positive and significant coefficient on the
coh05 dummy variable across al four models. This means that the hazard out of
unemployment is significantly higher for the cohort 5 (1996Q3) group than for the cohort
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1 (1995Q3) group. Since the effect of an explanatory variable X operates on the baseline
hazard as exp(X'b), given the above specification, the point estimate from model 1 of
0.185 implies that the basdline hazard is shifted up proportionally by a factor of
exp(0.185)=1.20, compared to the case when coh05=0 (i.e., for members of cohort 1).
With no other controls, this is the quasi-experimental effect in the context of this Cox
specification. Since the hazard is the conditiona probability that the spell will end in a
given time period, a higher probability of the spell ending implies a small but significant
tendency for unemployment durations to fall in the El phase-in period.

In the other three models reported in Table 1, as the other controls are added sequentialy,
there is a dight tendency for this estimated cohort coefficient to rise. Model 2 adds the
loca unemployment rate at the time of the ROE separation, an indicator of overall
economic conditions (as well as afactor that affects quaification requirements). Its effect
is small, though significant. The coh05 effect is essentially unchanged. Modd 3 adds the
demographic controls and these tend to raise the cohort effect, with the resulting point
estimate of 0.335 implying a proportional hazard shift upwards of 1.40. According to this
specification, the two maor demographic effects are for the age and the Atlantic provinces
variables, both of which tend to lower the estimated hazard and hence raise expected
unemployment durations. Nonetheless, only the age variable would be regarded as
significantly different from zero at a 5 percent level. The local unemployment rate is
added to Modd 4. The cohort and age coefficients remain sizeable and significant,
although relativeto Model 2, the effect from local labour market conditionsisless striking
(and now no longer significant), given the other regional controls.

Table 4 reports the analogous results for the UI/El phase-in analysis using the cohorts
2 & 6 dataset, and while there is no a priori reason to favour either set of results over the
other, for brevity only the main points and important departures from Table 1 will be
discussed. The cohort effect in moddl 1 (labelled coh06) is now numericaly dightly
smaller, with the point estimate of .155 implying ahazard shift of 1.17. Thiseffect remains
satisticaly significantly different from zero in the first two models (but not in the find
two). The age and Atlantic effects are again clear in models 3 and 4. In addition, there is
apattern of significantly negative coefficients for Quebec. Finaly, thereis some evidence
that being a male raises the hazard out of unemployment, athough this effect is only
significantly different from zero at a 10 percent confidence level.

Tables 2 and 3 and Tables 5 and 6 report, respectively, the results for these two datasets
using the SW/Other and VQ/Dismissal breakdown of the sample by reason code. In each
case, however, the SW/Other group comprisesthe vast mgjority of the overall sample and
the results for this group hence match up closaly with those aready discussed, while the
small VQ/Dismissal samples probably preclude significant results when there are many
explanatory variables. Interestingly, though, even when the cohort effect is estimated
alone for the VQ/Dis sample (modd 1 in Tables 3 and 6), the estimate is small and
insgnificant. Below, | will investigate whether this effect persists when datasets are
pooled in an effort to overcome the very small sample sizes for the VQ/Dis groups.
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6.2 Ul and Fully-implemented EI

| now turn to the four datasets that compare the final four quarters of experience under Ul
(1995Q3 to 1996Q2) with the first four quarters of the fully implemented El system
(1997Q1 to 1997Q4). To dlow for seasona comparison, cohorts in the same quarters
before and after EI were matched. First, cohorts with initia job separations that are rwo
years apart (cohorts 1 & 9, and cohorts 2 & 10) were matched. Second, cohortswith initial
separations that are one year apart (cohorts 3 & 7, and cohorts 4 & 8) were matched. As
before, there is no particular reason to favour one set of these results over another — their
overdl pattern is of much greater importance than any one result or coefficient — o |
present the full results in each case. With the breakdown by reason for job separation as
before, the relevant results are given in Tables 7-9 (cohorts 1 & 9), Tables 10-12 (cohorts
2 & 10), Tables 13-15 (cohorts 3 & 7), and Tables 16-18 (cohorts 4 & 8).

The basic quasi-experimenta effectsin Tables 7 and 10 are estimated as 0.192 and 0.174
respectively, both effects being significant at the 5 percent level. This implies that the
proportional hazard shifts upward by 1.21 in Table 7 and by 1.19 in Table 10. In both
cases, this effect remains podgtive and significant across the four estimated mode
specifications, with the coefficient on the later cohort dummy variable (coh09 and coh10,
respectively) tending to rise as the other controls are added in Table 7 but not in Table 10.
Local unemployment conditions play some role, tending to lower the hazard and hence
lengthen unemployment spells. However, these effects are greatly diminished by the
presence of other regional variables. As before, age plays a significant role, with a small
but significant coefficient in models 3 and 4 in both cases.

The breakdown by reason for job separation given in Tables8 and 9 and in Tables 11 and
12 once again illustrates the dominance of the SW/Oth group which accounts for the vast
majority of the overal sample in both cases. The VQ/Dis results are based on small
samples and are largely insignificantly different from zero, with some point estimates
(e.g., models 3 and 4 in Table 12) even having the “wrong” sign relative to the pattern of
results to date.

When we turn to the set of results for the cohorts with job separations only one year apart,
asreported in Tables 13-15 (cohorts 3 & 7) and Tables 16-18 (cohorts 4 & 8), a different
pattern in the results emerges. If we begin by examining the basic quasi-experimental
effect (model 1 in each case) for the full sample, we see that in both Table 13 and Table
16 the estimated coefficient is negative, is numerically small, and is insignificantly
different from zero, even at a 10 percent confidence level. Moreover, this pattern of small
and insignificant coefficients holds up across the four estimated modelsin each Table; the
sign changesin the coh07 estimate for models 3 and 4 of Table 13 are unimportant, given
their insignificance. In aggregate, this framework implies little or no overall effect in the
initial period of full El implementation, relative to that in the matching quarter of the
previous calendar year (that is, in the six months preceding the change). The patterns of
the other estimated coefficients are somewhat incons stent between the two datasets, with
some loca labour market effects in Table 13 but not in Table 16, and with some other
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differing demographic effects. As before, the reason code subsample resultsin Tables 14
and 15 and in Tables 17 and 18 largely confirm the full sample results for the SW/Other
group and suggest acute sample size problems for the VQ/Dismissal subsample.

Overdl, to give the initid conclusons from these results, the determinants of
unemployment duration contained in Tables 1-6 suggest asmall effect of the UI/EI move
in the phase-in period, raising the hazard and hence lowering expected unemployment
durations. However, sample sizes definitely hamper our ability to sort out any differentia
effects according to the reason for the past job separation. The results fail to confirm the
existence of such an effect for the fully implemented El system. While the estimated
effects were in line with those for the phase-in period using the sample of cohorts two
years apart (Tables 7-12), these same estimated effects were small and insignificant for the
sample of cohorts that are only one calendar year apart (Tables 13-18). If anything, one
would prefer the latter estimates. Since the plausbility of the quasi-experimental
framework is greater when the two groups being considered are closer, one would prefer
to obtain significant results for the latter estimates. In other words, more factors that are
not being fully controlled for may change between calendar quarters two years apart than
between calendar quarters only one year apart. Thus, the failure of the results from the
Cox model for cohorts 3 & 7 and cohorts 4 & 8 isimportant, and probably outweighs the
previous results based on cohorts 1 & 9 and cohorts 2 & 10. Certainly, one would initially
conclude that the evidence of clear and consistent behavioura effects of the move from
Ul to El is not present.
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7. UI/EI Effects Using Pooled Datasets

Oneissuethat arisesin the preceding analysisisthe ability of the COEP96 datato address
several important issues owing to the size of the sample, particularly for the cohorts with
job separations before the introduction of El. For some types of job separations, such as
the VQ/Dis group, this problem may have masked genuine underlying effects which
might be present in the data. Furthermore, if we wish to consider other sub-populations,
such as whether the move to El had differential behaviourd effects on women or on
younger members of the labour force (effects that might go beyond the inclusion of a
smple dummy variable in the earlier Tables), sample issues again become central.

Accordingly, | have also estimated a number of models on pooled datasets where severa
cohorts are grouped together. In this approach, one cannot adopt the best, unrestricted
approach to handle seasondlity, since the smple match-up of job separations in the same
calendar quarter isno longer available. Instead, the price paid for the larger ssmple sizeis
that the seasona effects on duration are modelled in a parametric manner, with quarterly
dummy variables allowing the hazard to shift (proportionally) according to the quarter in
which the initial job separation occurred. Since this approach is more restrictive and
imposes more structure than the quasi-experimental match-up of cohorts above, | regard
the two research methodol ogies as complementary.

The first set of results from this approach are reported in Tables 19-21, dedling with the
full sample and the SW/Oth and VQ/Dis separation reason code groups, respectively. In
each case, the four estimated modelsinclude adummy variable named “e” for the period
of full ElI implementation (since January 1997), a dummy variable named “intro” for the
period when El was being phased-in (July 1996 to December 1996), and three dummy
variables representing the first three calendar quarters when the job separation occurred.
In addition, as before, the four models are built up by the addition of alocal labour market
conditionsindicator (localu in modd 2), by the addition of a set of demographic variables
(mode 3), and by an encompassing model that includes all these variables (model 4).

For the full sample, the Table 19 results show a small positive effect on the hazard from
the“e” variable. In models 1 and 2, the effect is numerically quite small and statistically
insignificant at a5 percent level, though in the richer specifications of models 3 and 4 the
point estimate rises and the t-statistics are well above 2. In terms of the upward shift of the
hazard, the final column’s estimate of 0.102 trandates into a rise of just over 10 percent,
relative to the pre-El period. Note also that these models find significant estimates of the
phase-in variable “intro” with coefficients that are in fact dightly larger than the “&”
coefficient. In al four models, the quarterly effects are strong and consistent, being
significantly positive for calendar Q1 and significantly negative for calendar Q3. Findly,
the local unemployment rate has a negative coefficient in model 2 (asit did, for example,
in Table 1), athough with the addition of regiona controls and other demographics
in model 4, the estimated coefficient falls and becomes insignificant at the 5 percent
level. Overdl, the pooled results for this sample are largely consistent with the
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quasi-experimental results in the earlier Tables, finding smal but significantly positive
effects on the hazard from both the phase-in and the fully implemented El variables.

To exploit the advantage of the larger sample size, | next address the breakdown by job
separation reason code, asreported in Tables 20 and 21. The SW/Oth results again largely
match the full sample results, which is to be expected since this reason code accounts for
the mgority of the overall sample. Thereissome signin Table 20 that the“el” coefficient
is larger than in Table 19, athough I doubt that this difference in estimates would be
significant. For the smaller VQ/Dis group, however, even when we move to these pooled
data and to a potentia sample size approaching 600 for the basic models 1 and 2, we fail
to find any significant effect from either “el” or the “intro” variable. This suggests more
strongly than the earlier results that there is indeed something different about the VQ/Dis
group, relative to the SW/Oth population, and that the VQ/Dis group is comparatively
unresponsive to changes in UI/EI program parameters.

7.1 Estimates of the Pooled Model
on Sub-Populations

| have also estimated this same set of models for some other sub-populations that are
likely to be of research and policy interests. Tables 22-24 and 25-27 report the results of
estimating these models for females and males, respectively, sill using three separation
reason subsamples in each case, while Tables 28-30 and 31-33 give asimilar breakdown
for “old” (age 25 plus) and “young” workers (age less than 25). These models allow for
greater flexibility in the effects of sex or age on the hazard than in the basic modél. In the
basic model, the sex or age enters as a dummy variable but in these models, the whole
structure of the hazard, including the nature of the behavioural responseto UI/EI, can vary
by sex or age.

The main result is that these sub-populations have quite different estimated behavioura
effects. For women, who comprise dightly under half of the overal sample, Table 22
reports that the estimated effects for both the phase-in and the fully implemented El are
small and insignificantly different from zero in al four model specifications. In contrast,
the leading two rows of Table 25 show that, for men, the estimated El effects are always
positive, are significant at the 10 percent level in models 1 and 2, and are strongly
significant in models 3 and 4. Moreover, the phase-in effects are positive and significant
for the male sample, but negative and insgnificant for the female population. The
quarterly effects also differ somewhat between the two groups, with the positive Q1 effect
for men in Table 25 being completely absent for the women, athough the negative Q3
effect on the hazard is present for both sexes. Findly, this difference between the two
sexes aso holds for the SW/Oth sample, as comparison of Tables 23 and 26 revedls,
although any pattern of point estimate difference for the VQ/Dis groups (comparing
Tables 24 and 27) is undermined by the statistical insignificance of these estimated
coefficients.
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By broad age group, | aso find important differences in the model estimates. Comparing
the full sample results for the old and young in Tables 28 and 31 respectively, the older
group — which comprises most of the overal sample — has El effects that are positive
and are statistically significant (in models 3 and 4). Meanwhile, the “&” variable for the
much smaller young group is uniformly negative and insignificant. Again, as for the
females, the calendar Q1 effect is not present for the young group, although it is for the
older group (asit isfor the males). These results aso hold up for the SW/Oth subsample
(Tables 29 and 32), but there are no significant “e” effects found in the VQ/Dis group
results of Tables 30 and 33.

In view of these interesting differences influenced by sex and age, | have aso estimated
these models with the additional constraint that the “el” and the “intro” variables share the
same effect. The results of this procedure are reported in Table 34, where the joint El and
phase-in variable is termed “epi”. For brevity, other estimated coefficients are not
reported in this case, although the four model specifications match those of the preceding
Table. The effect of this added condraint is that the eipi effect is now positive and
significant (usually at the 5 percent level) for the full sample, for men, and for the old
population. The behavioural effect is small, sometimes positive and sometimes negative
but never statistically significant, for women and youth. While the move to El tended to
lower unemployment durations for men and for non-youth, holding other factors constant,
this evidence suggests that such an effect on the hazard and duration does not operate for
women or youth.
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8. Alternative Models
of Unemployment Duration
The find eement in the anadysis of unemployment durations is to investigate the
robustness of these resultsto model specification. To do this, | have estimated a variety of
alternative models of the determinants of duration. These are reported in Tables 35-38.
First, | addressed a set of leading aternatives to the Cox partia likelihood approach, a set
that includes avariety of parametric models of duration. That is, the overall hazard is now
viewed as
h(t,X(1)=b(t,0)e" VP
where X(#) is a vector of explanatory variables and p is the associated vector of
coefficients, but h(z,0) is now taken to follow a particular parametric form. The
exponential model obtains when
b(t,0)=
and the related Weibull model adds a shape parameter p so that
b(t,0)=ptP1L,
The Gompertz modd, till in the proportional hazard framework, has
b(t0)=e"!
so that the overall (proportiona) hazard is
h(tX(1)=e"le*VP,
In contrast, the three other functional forms | estimated are all in the “ accelerated failure
time” (AFT) framework. This means that larger values of the control variables trandate
into an “acceleration” of the failure time, rather than a proportiona shift of the entire
estimated hazard. Specifically, these models are estimated as
Ine=X(1)B+z
and the nature of the model depends on the assumed distribution for the error term z.
| estimated three possibilities, according to whether this distribution was LogNormd (the

natural logarithm of time is assumed to follow a Normal distribution), LogLogistic
(the natura logarithm of time follows a Logistic distribution), or Gamma.
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The key results of this investigation are reported in Table 35, athough other coefficient
estimates are not reported for brevity. For the three proportional hazard models, the first
three reported in the Table, the results are quite robust. The estimated effects of “e” and
“intro” are aways positive and significant, at least for models 3 and 4. This suggests that
the Cox partid likelihood results reported above would not be serioudy modified if one
of these alternative models of duration is used. In contrast, the three AFT models produce
mixed and inconsistent results, so we are inclined to put less weight on these
specifications.

With the proportional hazard framework, | have also addressed some richer models of the
determinants of unemployment duration. In Table 36, | report the results from a Cox
partia likelihood model where | explicitly model a phase of uninsured unemployment
(a period in which UI/EIl coverage has been exhausted). This time-varying covariate
allows the hazard to shift up or down when UI/EI expires and is estimated within the
context of the pooled data with quarterly dummy variables for the seasonal effects. The
results of thefull samplefor “e” and “intro” are very smilar to those reported in Table 19.
Small positive and significant effectson “e” are reported for models 3 and 4. Significant
positive effects for al four model specifications for the phase-in variable “intro” are
reported. Interestingly, the “unins’ variable that captures the uninsured period of
unemployment has a positive coefficient (significantly so for models 1 and 2), so that the
hazard is raised in the period when coverage has been exhausted.

Relatedly, | address issues of anticipated benefit exhaustion in Table 37. A set of time-
varying covariates are included to account for the possibility of 1-3, 4-6 and 7-9 weeks of
UI/El coverage remaining in the unemployment spell (benl3, bend6, and ben79,
respectively). Again, thereisno essentia changein the coefficientson “ei” and “intro” for
any of the four mode specifications, relative to the basic Cox moded without the benefit
exhaustion variables, suggesting that those results are quite robust. The benefit exhaustion
effects exert a risng influence on the hazard as UI/El exhaustion approaches (the
coefficient on benl3 exceeds that on ben46, which in turn exceeds that on ben79). Thisis
true for each specification. Of the three exhaustion variables, only benl3 isindividualy
significant, but this effect is strong and fairly constant across models 2-4.

The fina variant | have examined is an dternative set of duration models in a PGM
framework after Prentice and Gloeckler (1978) and Meyer (1990). These models are
estimated for the full sample and the VQ/Dis and SW/Oth groups and incorporate three
alternative approaches to duration. First, | incorporated the logarithm of duration in
addition to the “e” and “intro” variables. Second, | used a fourth-order polynomial in
duration as a flexible means of capturing non-monotonicity of the hazard with respect to
duration. Third, | estimated a fully non-parametric model where each duration in the grid
(from 1 week to 54 weeks) has its own dummy variable, thereby permitting any pattern
whatsoever to the estimated duration effects. The results from these procedures are
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reported in Table 38, where the six model specifications correspond to the three duration
methods, each estimated with and without the set of demographics and the loca labour
market conditions variable. The estimated “ei” and “intro” effects are very stable across
al sx models, with significantly positive point estimates for the “e” coefficient in the
0.06 to 0.16 range. In each case, the duration controls aone result in an estimate under
0.10 while the addition of the demographics raisesthe estimate to the 0.13-0.16 range. For
the phase-in variable “intro”, this pattern of higher UI/EI effects when demographics are
controlled for is also present, athough the range of variation of the key coefficient is
small.

| have aso estimated the log duration and the polynomial in duration models (models 1
and 3, respectively) in this framework with alowance for Gamma distributed unobserved
heterogeneity. This may control for unobserved factors that might influence the hazard
and lead to a bias in the estimated duration effects, together with the potentia of biasin
the estimated effects of the set of control variables. For model 1, the“a” coefficient drops
to 0.036 (t-statistic of 1.10) and the “intro” variable coefficient drops to 0.090 (2.16),
while for model 3, the respective estimates alowing for unobserved heterogeneity are
0.031 (0.80) and 0.094 (1.90). Thus, there is some sign that allowance for unobserved
heterogeneity lowers the estimated effects, particularly for the “e” variable. Estimated
models with unobserved heterogeneity for the other specifications in Table 38 falled to
converge, however.

Overdll, athough these fina two sets of results led to smaller point estimates than the
earlier models without unobserved heterogeneity, | find the broad consistency of thesefull
sample results with those from the Cox partiad likelihood model (Table 19) striking. It
suggests that these conclusions on the behavioural effects of UI/EI are robust.
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9. Initial Specifications and Results for
Durations of UI/EI Benefit Receipt

| now turn to the proportiona hazard models of the determinants of the length of
Unemployment Insurance (Ul)/Employment Insurance (EI) receipt. In this case, the object
of study is the length of the first period of continuous Ul or El benefit receipt since the
Record of Employment (ROE) date, as derived from the administrative data linked to the
Canadian Out of Employment Panel (COEP)96 survey information. The Cox partia
likelihood model is again employed in the first instance and the first round of results are
again presented in a set of Tables, three for each matched dataset.

Tables 39-41 give the estimates for the full sample and the two separation reason
subsamples (SW/Oth and VQ/Dis) from the cohorts 1 & 5 dataset, and again | studied the
four model specifications. For these data, however, there is essentialy no effect from the
cohort dummy variable, coh05, and this absence of asignificant result holds acrossall four
models. Although some of the demographics have identifiable effects — such as the
negative coefficient of the male dummy variable — these equations give little indication
of an effect in the move from Ul to the phase-in El period. Smilar conclusions follow
from Tables 40 and 41 for the subsamples.

Comparing the same initial cohort 1 with the matched cohort two years later, so that the
“after” component of the quasi-experiment is in the period of full EI implementation,
Table 42 provides little more evidence of significant UI/EI effects. Although the point
estimates on the cohQ9 variable are now positive, they still have t-statistics well below 2
so that one cannot infer statistical significance at standard levels. The sameistrue for the
SW/Oth subsample for which results are presented in Table 43, although surprisingly the
small VQ/Dis subsample in Table 44 does show one coefficient that is significant at the 5
percent level (model 4). | doubt that there is much to be made of this, however, given the
very tiny sample.

One can adso compare these results with those from the other matched cohorts, as
presented in Tables 45-47 (for cohorts 2 & 6), Tables 48-50 (for cohorts 2 & 10), and
Tables 51-53 and 54-56 (for cohorts 3 & 7, and cohorts 4 & 8). Both comparisons with
cohort 2 asthe Ul group yield little significant effects on UI/EI duration for the sample as
awhole, and this holds true for al four model specifications. It dso holds true for the
cohorts 3 & 7 quasi-experiment in Table 51 and the analogous Table 54 for cohorts 4 &
8. Thus, across al of the matched cohort samples, these Cox partial likelihood modelsfail
to show evidence of statistically significant effects on the durations spent in UI/EI receipt
resulting from the change from Ul to El. The estimated effects are uniformly small and
one cannot reasonably conclude that they are different from zero.
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10. Pooled Data Analysis
of UI/EI Duration Effects

| next estimated models on the sample pooled across the cohorts, thereby gaining sample
Size at the cost of requiring a more restrictive modelling of seasonality. This follows the
pattern of investigation for the unemployment durations above.

For the full sample results shown in Table 57, there is no evidence that there is a
sgnificant effect for either the “el” or the “intro” variable. However, there is a clear
pattern of seasonality, especially for calendar quarters 1 and 3 in the more parsimonious
models 1 and 2. Furthermore, while the loca labour market conditions variable has no
significant effect, some of the other demographics do play arole, notably being male and
some of the regional variables. This overdl concluson on the “ei” and “intro” effectsis
consstent across the SW/Oth and VQ/Dis subsamples, as reported in Tables 58 and 59.

The results for female in Tables 60-62 and the results for male in Tables 63-65 show little
difference from the overall resultsof Table57. That is, noneof the“&” or “intro” variables
are statistically significantly different from zero and their respective point estimates are
always numerically small. Smilarly, by age, the old resultsin Tables 66-68 and the young
resultsin Tables 69-71 fail to show a significant effect.

In addition, when | constrained the “e” and “intro” effects to be equal, the same pattern
of small and statistically insgnificant results is found, as detailed for the full sample and
the four population subgroupsin Table 72.

Thus, within the context of this Cox Partia Likelihood Framework, the overal finding of
little significant effect is not masking effects at the level of the subsample (by sex or age)
that are cancelling each other in the aggregate. Rather, the conclusion from these many
results on the subpopulations is that the estimates from the overal sample have
considerable validity and show essentialy no significant behavioural effect.
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11. Alternative Models of
UI/EI Benefit Duration

Thefina variant in the analysis of Unemployment Insurance (UI)/Employment Insurance
(El) durations is to investigate the robustness of these results to model specification, as
was done above for the unemployment spells. | have accordingly again estimated avariety
of dternative models of the determinants of duration, allowing both proportiona hazards
and accelerated failure time (AFT) parametric models of duration. The key coefficient
estimates from these investigations are reported in Table 73.

In the exponentia case, when the baseline hazard is restricted to be a constant (as a
function of the elapsed duration of the spell), there are small positive “&” effects with t-
statistics around 1.3. While not significant at the usual 5 percent level, these effects are
probably sensible and in line with some of the results for unemployment spells. However,
when | moveto the Weibull model, which introduces one further parameter and allowsfor
a non-constant (but monotonic) baseline hazard, these “ei” effects become much smaller
and are surely insgnificant. In both models, the phase-in variable had no discernible
effect. Smilarly, the Gompertz framework aso led to very small estimates of the “ei” and
“intro” coefficients.

Within the AFT dtructure, most of these conclusons held up undtered. For the
LogNormal and the LogLogistic distributions of the error term in the log duration
regression outline above, the “intro” effect was small, positive and had a t-statistic of
around 1.6, but overall the results showed little significance. Findly, the Gamma
distribution yielded both “ei” and “intro” effects that were almost exactly zero, consi stent
with the other results, athough the estimates of some of the incidental parameters of the
Gamma model suggest that it may not fit these data well.
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12. Conclusions

The effects of the move from Unemployment Insurance (Ul) to Employment Insurance
(EI) on both unemployment duration and the lengths of spells of UI/EI benefit receipt are
quite small. Nonetheless, one can detect behavioural effects on unemployment duration
with some reliability, whereas the same cannot be said of the UI/EI benefit durations.

Methodologicaly, the effect on both unemployment and benefit durations of the move
from Ul to El was estimated in two basic frameworks. The first was a quasi-experimenta
approach where cohorts from the Canadian Out of Employment Panel (COEP)96 were
matched up according to the calendar quarter in which the job separation occurred. The
second was a model with pooled cohort data where greater structure was necessarily
imposed on the seasonal effects. In addition, considerable attention was paid to the
robustness of the results depending upon the reason for the job separation. All behavioural
effects dlowing for the difference between separations due to voluntary quits and
dismissals (VQ/Dis) and the shortage of work and other (SW/Oth) separation reason code
groups were studied. The models aso alowed for demographic effects and local 1abour
market conditions. When appropriate and where sample sizes permitted — typically with
the pooled cohort datasets — | estimated the full structure of the model separately for
women and men, and for youth and non-youth members of the labour force. | further
estimated a variety of adternative duration models, including alowance for periods of
uninsured unemployment, and | studied the behavioura effects of anticipated UI/EI
benefit exhaustion. Finaly, several other parametric models of duration were studied,
together with model s that allowed one to estimate an arbitrary structure for the underlying
baseline hazard. With some fairly minor exceptions, the results | found were consi stent
and robust to these alternative models.

Using matched cohorts in the same quarters of different calendar years before and after
theintroduction of El, the principal finding indicates small but positive effects of the move
from Ul to El on the estimated hazard out of unemployment. These effects are statistically
sgnificant in some of the estimated models. When these effects are Satistically
significant, they amount to about a 20 percent higher probability of the unemployment
spell ending a any point during the spell; this trandates into shorter expected
unemployment spells. This effect was strongest when comparing the job separations from
the Ul with job separations from the phase-in period of El. This effect was present in
moderate form comparing the Ul period with the El period two years later. The effect was
weakest when comparing the Ul with the initia period of fully-implemented EI. Since
theseresults are probably the most reliablein thislast set when comparison pointsare only
one year gpart and when the legidative reference point is full El, | conclude that caution
is warranted in any strong interpretation of the results. The effects are small and suggest
that no dramatic shift occurred in the determinants of unemployment durations associated
with the move from Ul to El. Finaly, one should note that although many attempts were
made to investigate a differential structure for individuals with different types of job
separations, sample sizes were such that one could not reasonably conclude that such
differences were present and important.
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The pooled results for unemployment durations were somewhat stronger in terms of
overdl significance. Of course, as cautioned above, these results are conditiona on the
assumed structure for the seasona effects on the hazard out of unemployment and should
beinterpreted in thislight. Treating al job separations together, the broadest specification
led to a positive effect of El on the hazard out of unemployment with an implied upward
(proportional) shift of about 10 percent; again, thisleadsto lower expected unemployment
durations. Interestingly, thistype of result is also obtained for the job separations coded as
Shortage of Work and Other reasons, but not for persons coded as Voluntary Quits or
Dismissals. Indeed, | could find no evidence of significant effects from the move from Ul
to El on the determinants of unemployment durations for these groups.

In the earlier quasi-experimental work, age and sex were used as control variables that
could each shift the overall estimated hazard, but the structure of the hazard — the way
in which the hazard might alter given the move to El, for example — was determined to
be common to each sex and each age group. However, the greater sample sizes in the
pooled cohort data case permitted separate analysis of the determinants of unemployment
duration by sex and by age group. Broadly speaking, the conclusions were that men had
much clearer effects from the introduction of El than women, with male unemployment
durations being more strongly affected by the shift than those for women (and with the
estimates on both sexes together, as above, being in between the two). While the non-
youth group (aged 25 and higher) had clear and positive effects from EI on the hazard out
of unemployment, the youth group (aged less than 25) had estimated effects that were of
the opposite sign and insignificantly different from zero. Thus, athough | find that the
move to El raised the hazard and reduced unemployment durations for men and for non-
youth workers, the pooled cohort analysis suggests that this effect was weak or absent for
women and youth.

In contrast to these results for unemployment durations, which showed some small but
significant effects and some interesting differences for different demographic groups, the
evidence for durations of time spent in receipt of Ul or EI — benefit durations — is very
weak. Using identical econometric approaches to modelling these benefit durations, the
results from both the quasi-experimental work and the pooled cohorts analysis are
uniformly small. Although some of the other demographic control variables play a
significant role, was unable to identify any significant effect of the move to El on these
benefit durations, and this negative conclusion held up both in the aggregate and for sub-
groups (so that it was not the result of two cancelling effects for two different sub-groups,
for example).

It is aways hard to know what to make of alargely negative finding such as this, where
an agpparent exogenous variation in program parameters produces a very small changein
the variables of interest, given the specification and the set of controls. At aminimum, the
researcher wishesto ensure that the finding isrobust to alternative model and econometric
specifications. Therefore, in addition to the many estimated models in the quas-
experimental and the pooled cohort approaches, | have addressed a set of aternative
models of benefit durations that impose greater structure on the underlying shape of the
hazard. If this imposed structure is valid, it can permit better estimates of the program
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effects and enable identification of small coefficients that might otherwise have been
masked in the results. However, when | estimated several models of thistype, the pattern
inthe resultsremained very stable with small or negligible effectsfrom El and a consi stent
lack of dtatistical significance.

In summary, thisinitial assessment of some of the behavioura effects of the move from
Ul to El has found some small but significant effects on unemployment durations, but
little evidence of significant effects for the lengths of time spent in receipt of UI/EI
benefits. Of the many results, perhaps the most striking was that the effect on
unemployment durations appeared to operate more strongly and more consistently for
men and for non-youth workers, and that this effect was much weaker for both women
and youth. It will be of considerable interest to see whether these results continue in the
next few years as the longer-term provisions of El become fully operative.
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Tables

Notes to Tables

Based on author’s calculations using the Canadian Out of Employment Panel (COEP)
dataset. t-statistics are given in parentheses for all coefficients. For incidental parameters
in the parametric duration models (Tables 35 and 73), standard errors are given in
parentheses. All estimates include the demographic controls according to the mode
number (1-4), as in Table 1, even when for brevity only key coefficient estimates are
reported in the Table (see Tables 34 and 72).

TABLE 1
Cox Partial Likelihood Determinants of Unemployment Spells
Full Sample
Cohorts 1 and 5 Experiment
Model: 1 2 3 4
# obs: 1,121 1,121 654 654
coh05 0.185 0.183 0.335 0.332
(2.30) (2.28) (3.08) (3.06)
localu -0.026 -0.013
(-3.56) (-1.09)
male 0.057 0.045
(0.57) (0.44)
marr -0.082 -0.091
(-0.35) (-0.39)
age -0.016 -0.016
(-3.25) (-3.32)
less -0.105 -0.089
(-0.77) (-0.65)
coll -0.171 -0.170
(-1.20) (-1.19)
univ 0.065 0.062
(0.50) (0.48)
atl -0.243 -0.174
(-1.43) (-0.96)
que 0.002 0.046
(0.01) (0.23)
pra 0.218 0.222
(1.27) (1.29)
bct 0.247 0.264
(1.28) (1.36)
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TABLE 2

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Sample
Cohorts 1 and 5 Experiment
Model: 1 2 3 4
# obs: 996 996 581 581
coh05 0.196 0.195 0.289 0.286
(2.33) (2.31) (2.52) (2.49)
localu -0.027 -0.017
(-3.58) (-1.33)
male 0.079 0.060
(0.73) (0.55)
marr -0.152 -0.148
(-0.53) (-0.51)
age -0.014 -0.014
(-2.73) (-2.83)
less -0.087 -0.063
(-0.62) (-0.44)
coll -0.183 -0.177
(-1.18) (-1.15)
univ 0.084 0.086
(0.59) (0.60)
atl -0.247 -0.155
(-1.37) (-0.81)
que 0.028 0.087
(0.14) (0.41)
pra 0.265 0.276
(2.43) (1.49)
bct 0.245 0.274
(1.15) (1.28)

EIl Impacts on Unemployment Durations and Benefit Receipt




TABLE 3

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Sample
Cohorts 1 and 5 Experiment
Model: 1 2 3 4
# obs: 119 119 70 70
coh05 -0.008 -0.006 0.552 0.524
(-0.03) (-0.02) (1.412) (1.33)
localu -0.003 0.031
(-0.10) (0.59)
male -0.091 -0.037
(-0.29) (-0.11)
marr 0.230 0.374
(0.51) (0.72)
age -0.027 -0.026
(-1.53) (-1.49)
less -0.504 -0.353
(-0.75) (-0.49)
coll -0.116 -0.042
(-0.29) (-0.10)
univ -0.089 -0.025
(-0.25) (-0.07)
atl -0.125 -0.255
(-0.22) (-0.41)
que -0.074 -0.275
(-0.11) (-0.36)
pra -0.068 -0.057
(-0.14) (-0.12)
bct 0.126 0.132
(0.24) (0.25)
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TABLE 4

Cox Partial Likelihood Determinants of Unemployment Spells

Full Sample
Cohorts 2 and 6 Experiment
Model: 1 2 3 4
# obs: 1,469 1,469 921 921
coh06 0.155 0.151 0.114 0.114
(2.68) (2.60) (1.52) (1.52)
localu -0.018 -0.003
(-2.77) (-0.26)
male 0.153 0.154
(1.89) (1.89)
marr 0.246 0.247
(1.42) (2.43)
age -0.010 -0.010
(-2.90) (-2.90)
less -0.163 -0.162
(-1.67) (-1.67)
coll -0.146 -0.144
(-1.34) (-1.31)
univ -0.015 -0.016
(-0.14) (-0.15)
atl -0.502 -0.488
(-4.13) (-3.67)
que -0.404 -0.396
(-2.71) (-2.59)
pra -0.109 -0.109
(-0.87) (-0.87)
bct -0.276 -0.273
(-1.82) (-1.79)
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TABLE 5

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Sample
Cohorts 2 and 6 Experiment
Model: 1 2 3 4
# obs: 1,372 1,372 867 867
coh06 0.155 0.150 0.123 0.123
(2.57) (2.49) (1.59) (1.59)
localu -0.018 -0.005
(-2.73) (-0.47)
male 0.135 0.136
(1.60) (1.60)
marr 0.232 0.232
(2.27) (2.27)
age -0.010 -0.010
(-2.67) (-2.67)
less -0.143 -0.142
(-1.43) (-1.43)
coll -0.137 -0.134
(-1.22) (-1.19)
univ 0.007 0.005
(0.06) (0.04)
atl -0.467 -0.440
(-3.74) (-3.21)
que -0.392 -0.376
(-2.56) (-2.40)
pra -0.066 -0.066
(-0.51) (-0.51)
bct -0.257 -0.252
(-1.63) (-1.59)
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TABLE 6

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Sample
Cohorts 2 and 6 Experiment
Model: 1 2 3 4
# obs: 92 92 51 51
coh06 0.098 0.096 -0.174 -0.223
(0.43) (0.42) (-0.48) (-0.59)
localu 0.003 0.085
(0.12) (1.13)
male 0.499 0.419
(1.35) (1.08)
marr 0.669 0.613
(0.98) (0.87)
age -0.018 -0.013
(-1.04) (-0.75)
less -0.713 -0.824
(-1.35) (-1.53)
coll -0.177 -0.20
(-0.34) (-0.38)
univ -0.152 -0.202
(-0.36) (-0.47)
atl -1.931 -2.057
(-2.79) (-2.95)
que -1.228 -1.470
(-1.35) (-1.56)
pra -1.240 -1.212
(-2.21) (-2.17)
bct -1.264 -1.304
(-1.77) (-1.77)
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TABLE 7

Cox Partial Likelihood Determinants of Unemployment Spells

Full Sample
Cohorts 1 and 9 Experiment
Model: 1 2 3 4
# obs: 969 969 575 575
coh09 0.192 0.204 0.376 0.364
(2.27) (2.41) (3.27) (3.16)
localu -0.041 -0.022
(-5.03) (-1.68)
male -0.113 -0.130
(-1.06) (-1.21)
marr -0.577 -0.587
(-2.23) (-2.26)
age -0.017 -0.017
(-3.03) (-2.97)
less -0.159 -0.137
(-1.14) (-0.98)
coll -0.015 0.007
(-0.09) (0.04)
univ -0.153 -0.147
(-1.00) (-0.97)
atl -0.384 -0.277
(-1.91) (-1.32)
que -0.255 -0.197
(-1.120) (-0.84)
pra 0.071 0.030
(0.35) (0.15)
bct -0.375 -0.384
(-1.49) (-1.53)
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TABLE 8

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Sample
Cohorts 1 and 9 Experiment
Model: 1 2 3 4
# obs: 863 863 529 529
coh09 0.186 0.209 0.373 0.360
(2.09) (2.34) (3.11) (3.00)
localu -0.042 -0.024
(-4.83) (-1.78)
male -0.116 -0.139
(-1.04) (-1.23)
marr -0.570 -0.579
(-2.06) (-2.09)
age -0.019 -0.019
(-3.21) (-3.18)
less -0.126 -0.102
(-0.87) (-0.71)
coll 0.051 0.075
(0.32) (0.46)
univ -0.103 -0.096
(-0.64) (-0.60)
atl -0.324 -0.207
(-1.52) (-0.93)
que -0.223 -0.161
(-0.91) (-0.65)
pra 0.216 0.175
(0.99) (0.80)
bct -0.216 -0.224
(-0.81) (-0.84)
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TABLE 9

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Sample
Cohorts 1 and 9 Experiment
Model: 1 2 3 4
# obs: 103 103 44 44
coh09 0.112 0.076 0.253 0.131
(0.42) (0.28) (0.52) (0.25)
localu -0.035 -0.074
(-1.05) (-0.61)
male 0.063 0.066
(0.14) (0.15)
marr -0.533 -0.459
(-0.54) (-0.46)
age -0.011 -0.008
(-0.36) (-0.25)
less -1.076 -1.062
(-1.46) (-1.43)
coll -0.732 -0.743
(-1.19) (-1.20)
univ -0.760 -0.801
(-1.22) (-1.28)
atl -1.399 -1.348
(-1.52) (-1.44)
que -0.696 -0.535
(-0.81) (-0.58)
pra -0.741 -0.903
(-1.14) (-1.27)
bct -1.557 -1.604
(-1.84) (-1.88)

EI Impacts on Unemployment Durations and Benefit Receipt

45



46

TABLE 10

Cox Partial Likelihood Determinants of Unemployment Spells

Full Sample
Cohorts 2 and 10 Experiment
Model: 1 2 3 4
# obs: 1,335 1,335 816 816
coh10 0.174 0.164 0.168 0.166
(2.85) (2.68) (2.11) (2.09)
localu -0.013 -0.004
(-1.95) (-0.34)
male 0.095 0.096
(1.11) (1.12)
marr 0.203 0.205
(1.16) (1.17)
age -0.011 -0.011
(-2.85) (-2.83)
less -0.150 -0.149
(-1.47) (-1.47)
coll -0.196 -0.195
(-1.75) (-1.74)
univ -0.168 -0.171
(-1.38) (-1.40)
atl -0.258 -0.237
(-1.85) (-1.56)
que -0.201 -0.189
(-1.19) (-1.09)
pra -0.064 -0.064
(-0.44) (-0.45)
bct -0.303 -0.299
(-1.82) (-1.79)
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TABLE 11

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Sample
Cohorts 2 and 10 Experiment
Model: 1 2 3 4
# obs: 1,240 1,240 763 763
coh10 0.182 0.171 0.204 0.202
(2.88) (2.69) (2.47) (2.43)
localu -0.016 -0.006
(-2.34) (-0.54)
male 0.074 0.075
(0.82) (0.83)
marr 0.206 0.207
(1.12) (1.13)
age -0.012 -0.012
(-2.95) (-2.93)
less -0.134 -0.134
(-1.29) (-1.28)
coll -0.225 -0.224
(-1.95) (-1.94)
univ -0.044 -0.050
(-0.34) (-0.39)
atl -0.214 -0.180
(-1.46) (-1.13)
que -0.173 -0.153
(-0.98) (-0.84)
pra 0.023 0.022
(0.15) (0.15)
bct -0.229 -0.222
(-1.31) (-1.26)
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TABLE 12

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Sample
Cohorts 2 and 10 Experiment
Model: 1 2 3 4
# obs: 92 92 52 52
coh10 0.052 0.072 -0.218 -0.190
(0.22) (0.32) (-0.61) (-0.54)
localu 0.054 0.136
(1.80) (1.29)
male 0.686 0.522
2.77) (1.30)
marr 0.689 0.804
(0.92) (1.02)
age -0.005 -0.003
(-0.25) (-0.13)
less -0.186 -0.275
(-0.37) (-0.54)
coll 0.527 0.243
(0.99) (0.43)
univ -0.967 -0.896
(-2.03) (-1.90)
atl -0.905 -1.135
(-1.40) (-1.67)
que -1.180 -1.199
(-1.33) (-1.34)
pra -1.262 -1.082
(-2.46) (-2.09)
bct -1.561 -1.503
(-2.30) (-2.31)
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TABLE 13

Cox Partial Likelihood Determinants of Unemployment Spells

Full Sample
Cohorts 3 and 7 Experiment
Model: 1 2 3 4
# obs: 1,362 1,362 834 834
coh07 -0.057 -0.047 0.055 0.066
(-0.91) (-0.75) (0.67) (0.79)
localu -0.014 -0.009
(-2.16) (-0.93)
male 0.238 0.232
(2.82) (2.75)
marr -0.029 -0.027
(-0.16) (-0.15)
age -0.004 -0.004
(-1.08) (-1.07)
less -0.084 -0.079
(-0.79) (-0.74)
coll 0.120 0.121
(1.04) (1.05)
univ -0.060 -0.068
(-0.52) (-0.59)
atl -0.087 -0.037
(-0.62) (-0.25)
que -0.226 -0.193
(-1.33) (-1.120)
pra 0.045 0.052
(0.32) (0.36)
bct 0.005 0.017
(0.03) (0.10)
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TABLE 14

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Sample
Cohorts 3 and 7 Experiment
Model: 1 2 3 4
# obs: 1,240 1,240 771 771
coh07 -0.065 -0.055 0.059 0.073
(-0.98) (-0.84) (0.69) (0.83)
localu -0.014 -0.010
(-2.03) (-1.02)
male 0.223 0.215
(2.52) (2.42)
marr -0.147 -0.148
(-0.77) (-0.78)
age -0.003 -0.003
(-0.66) (-0.67)
less -0.090 -0.082
(-0.80) (-0.73)
coll 0.151 0.153
(1.25) (2.27)
univ -0.056 -0.065
(-0.47) (-0.54)
atl -0.045 0.014
(-0.31) (0.09)
que -0.148 -0.107
(-0.84) (-0.59)
pra 0.103 0.112
(0.69) (0.75)
bct -0.015 0.000
(-0.08) (0.00)
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TABLE 15

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Sample
Cohorts 3 and 7 Experiment
Model: 1 2 3 4
# obs: 119 119 61 61
coh07 0.009 0.031 -0.137 -0.115
(0.04) (0.15) (-0.45) (-0.37)
localu -0.022 -0.035
(-0.63) (-0.64)
male 0.669 0.664
(2.93) (2.90)
marr 0.698 0.797
(1.25) (1.37)
age -0.026 -0.027
(-1.68) (-1.72)
less -0.074 -0.196
(-0.16) (-0.39)
coll -0.30 -0.386
(-0.68) (-0.83)
univ -0.061 -0.122
(-0.14) (-0.27)
atl -1.090 -1.179
(-1.66) (-1.75)
que -1.961 -1.935
(-2.79) (-2.75)
pra -1.389 -1.481
(-2.34) (-2.42)
bct -0.633 -0.756
(-0.87) (-1.01)
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TABLE 16

Cox Partial Likelihood Determinants of Unemployment Spells

Full Sample
Cohorts 4 and 8 Experiment
Model: 1 2 3 4
# obs: 1,394 1,394 883 883
coh08 -0.072 -0.071 -0.015 -0.013
(-1.13) (-1.12) (-0.19) (-0.16)
localu -0.006 -0.006
(-1.02) (-0.61)
male -0.140 -0.140
(-1.71) (-1.71)
marr 0.070 0.069
(0.29) (0.29)
age -0.003 -0.003
(-0.86) (-0.89)
less -0.065 -0.061
(-0.60) (-0.55)
coll -0.174 -0.174
(-1.47) (-1.47)
univ 0.085 0.082
(0.78) (0.76)
atl 0.152 0.186
(2.07) (1.23)
que 0.332 0.346
(1.95) (2.01)
pra 0.431 0.433
(3.03) (3.04)
bct 0.226 0.235
(1.33) (1.38)
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TABLE 17

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Sample
Cohorts 4 and 8 Experiment
Model: 1 2 3 4
# obs: 1,240 1,240 802 802
coh08 -0.048 -0.045 -0.016 -0.013
(-0.71) (-0.67) (-0.19) (-0.15)
localu -0.011 -0.005
(-1.69) (-0.57)
male -0.187 -0.186
(-2.17) (-2.17)
marr 0.052 0.051
(0.22) (0.20)
age -0.003 -0.003
(-0.63) (-0.65)
less -0.034 -0.029
(-0.30) (-0.25)
coll -0.064 -0.065
(-0.51) (-0.52)
univ 0.141 0.139
(1.24) (1.23)
atl 0.081 0.114
(0.54) (0.72)
que 0.310 0.323
(1.75) (1.80)
pra 0.418 0.420
(2.77) (2.78)
bct 0.205 0.212
(1.15) (1.19)
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TABLE 18

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Sample
Cohorts 4 and 8 Experiment
Model: 1 2 3 4
# obs: 148 148 79 79
coh08 -0.169 -0.154 0.113 0.113
(-0.83) (-0.75) (0.36) (0.35)
localu 0.025 -0.001
(1.16) (-0.02)
male 0.603 0.603
(1.89) (1.89)
marr -0.402 -0.403
(-0.40) (-0.40)
age -0.028 -0.028
(-1.91) (-1.91)
less -0.304 -0.305
(-0.58) (-0.58)
coll -0.687 -0.686
(-1.74) (-1.74)
univ -0.784 -0.784
(-1.93) (-1.93)
atl 0.805 0.808
(1.68) (1.60)
que -0.258 -0.256
(-0.31) (-0.30)
pra 0.477 0.478
(1.01) (1.01)
bct -0.022 -0.019
(-0.03) (-0.03)
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TABLE 19

Cox Partial Likelihood Determinants of Unemployment Spells

Full Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 6,564 6,564 4,022 4,022
ei 0.036 0.038 0.099 0.102
(1.10) (1.14) (2.36) (2.41)
intro 0.089 0.088 0.133 0.134
(2.12) (2.11) (2.46) (2.49)
ql 0.113 0.117 0.116 0.117
(2.71) (2.80) (2.15) (2.18)
g2 0.061 0.061 0.049 0.050
(1.45) (1.45) (0.91) (0.92)
g3 -0.325 -0.308 -0.297 -0.294
(-8.46) (-7.99) (-5.96) (-5.89)
localu -0.017 -0.008
(-5.82) (-1.80)
male 0.075 0.072
(1.96) (1.89)
marr 0.026 0.027
(0.30) (0.32)
age -0.008 -0.008
(-4.52) (-4.53)
less -0.107 -0.102
(-2.19) (-2.09)
coll -0.054 -0.052
(-1.01) (-0.98)
univ -0.005 -0.009
(-0.10) (-0.17)
atl -0.165 -0.119
(-2.58) (-1.73)
que -0.068 -0.040
(-0.89) (-0.51)
pra 0.119 0.120
(1.84) (1.85)
bct -0.014 -0.002
(-0.18) (-0.03)
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TABLE 20

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 5,942 5,942 3,697 3,697
ei 0.042 0.045 0.109 0.112
(1.22) (1.32) (2.48) (2.56)
intro 0.097 0.097 0.118 0.120
(2.22) (2.20) (2.10) (2.14)
ql 0.121 0.126 0.101 0.103
(2.77) (2.87) (1.80) (1.84)
g2 0.097 0.098 0.064 0.064
(2.19) (2.22) (1.12) (1.13)
g3 -0.339 -0.317 -0.321 -0.317
(-8.37) (-7.80) (-6.15) (-6.06)
localu -0.019 -0.010
(-6.12) (-2.12)
male 0.059 0.055
(1.48) (1.37)
marr -0.005 -0.004
(-0.05) (-0.04)
age -0.007 -0.007
(-3.97) (-3.98)
less -0.097 -0.090
(-1.91) (-1.78)
coll -0.027 -0.024
(-0.49) (-0.43)
univ 0.034 0.031
(0.63) (0.56)
atl -0.166 -0.108
(-2.49) (-1.51)
que -0.058 -0.024
(-0.73) (-0.29)
pra 0.154 0.156
(2.25) (2.27)
bct -0.022 -0.008
(-0.27) (-0.10)
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TABLE 21

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 599 599 314 314
ei -0.026 -0.025 0.020 0.024
(-0.23) (-0.22) (0.13) (0.15)
intro -0.029 -0.037 0.185 0.175
(-0.19) (-0.25) (0.90) (0.85)
ql 0.039 0.033 0.316 0.313
(0.27) (0.23) (1.53) (1.52)
g2 -0.253 -0.262 -0.114 -0.150
(-1.75) (-1.81) (-0.54) (-0.71)
g3 -0.218 -0.219 -0.029 -0.025
(-1.68) (-1.69) (-0.16) (-0.14)
localu 0.009 0.022
(0.77) (2.09)
male 0.313 0.323
(2.28) (2.34)
marr 0.323 0.348
(1.25) (1.34)
age -0.020 -0.019
(-2.87) (-2.73)
less -0.241 -0.222
(-1.16) (-1.06)
coll -0.199 -0.181
(-1.08) (-0.98)
univ -0.338 -0.317
(-1.93) (-1.80)
atl -0.218 -0.282
(-0.91) (-1.14)
que -0.469 -0.542
(-1.55) (-1.76)
pra -0.254 -0.260
(-1.18) (-1.21)
bct -0.192 -0.228
(-0.73) (-0.87)
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TABLE 22

Cox Partial Likelihood Determinants of Unemployment Spells

Full Female Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 2,968 2,968 1,668 1,668
ei -0.012 -0.005 0.047 0.052
(-0.25) (-0.11) (0.73) (0.80)
intro -0.032 -0.034 -0.018 -0.015
(-0.50) (-0.53) (-0.20) (-0.16)
ql 0.038 0.046 -0.025 -0.017
(0.60) (0.72) (-0.28) (-0.19)
g2 0.119 0.113 0.099 0.101
(1.94) (1.84) (1.19) (1.22)
g3 -0.269 -0.243 -0.232 -0.219
(-4.57) (-4.10) (-2.80) (-2.62)
localu -0.018 -0.012
(-4.09) (-1.77)
marr -0.114 -0.110
(-0.83) (-0.80)
age -0.003 -0.003
(-1.13) (-1.09)
less -0.152 -0.145
(-1.92) (-1.83)
coll -0.107 -0.105
(-1.23) (-1.22)
univ 0.045 0.040
(0.56) (0.50)
atl -0.133 -0.059
(-1.41) (-0.57)
que -0.129 -0.094
(-1.120) (-0.79)
pra 0.084 0.085
(0.88) (0.89)
bct -0.130 -0.106
(-1.05) (-0.86)
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TABLE 23

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Female Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 2,641 2,641 1,496 1,496
ei -0.015 -0.006 0.049 0.057
(-0.30) (-0.12) (0.72) (0.84)
intro -0.023 -0.027 -0.045 -0.040
(-0.34) (-0.39) (-0.47) (-0.41)
ql 0.054 0.060 -0.046 -0.035
(0.80) (0.89) (-0.49) (-0.37)
g2 0.195 0.187 0.137 0.136
(3.03) (2.90) (1.56) (1.56)
g3 -0.306 -0.276 -0.280 -0.261
(-4.85) (-4.35) (-3.14) (-2.93)
localu -0.020 -0.017
(-4.38) (-2.29)
marr -0.162 -0.155
(-1.120) (-1.06)
age -0.002 -0.002
(-0.76) (-0.73)
less -0.137 -0.125
(-1.65) (-1.50)
coll -0.040 -0.038
(-0.43) (-0.41)
univ 0.088 0.084
(2.03) (0.98)
atl -0.160 -0.057
(-1.60) (-0.52)
que -0.146 -0.098
(-1.19) (-0.79)
pra 0.105 0.109
(2.03) (1.08)
bct -0.186 -0.157
(-1.40) (-1.18)
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TABLE 24

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Female Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 312 312 166 166
ei 0.058 0.057 0.247 0.265
(0.37) (0.36) (2.03) (1.10)
intro -0.072 -0.083 0.289 0.248
(-0.36) (-0.42) (1.02) (0.87)
ql -0.042 -0.051 0.233 0.218
(-0.20) (-0.24) (0.72) (0.67)
g2 -0.433 -0.447 -0.239 -0.322
(-2.11) (-2.16) (-0.79) (-1.04)
g3 -0.015 -0.025 0.214 0.206
(-0.09) (-0.15) (0.84) (0.81)
localu 0.009 0.035
(0.54) (1.42)
marr 0.415 0.498
(0.97) (1.15)
age -0.024 -0.022
(-2.20) (-2.05)
less -0.246 -0.169
(-0.86) (-0.58)
coll -0.368 -0.337
(-1.34) (-1.22)
univ -0.346 -0.273
(-1.29) (-0.99)
atl -0.214 -0.298
(-0.63) (-0.86)
que -0.266 -0.324
(-0.56) (-0.68)
pra -0.201 -0.166
(-0.64) (-0.53)
bct -0.040 -0.112
(-0.11) (-0.29)
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TABLE 25

Cox Partial Likelihood Determinants of Unemployment Spells

Full Male Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 3,598 3,598 2,356 2,356
ei 0.083 0.080 0.143 0.144
(1.86) (1.79) (2.57) (2.58)
intro 0.182 0.181 0.230 0.230
(3.29) (3.28) (3.37) (3.38)
ql 0.192 0.193 0.236 0.235
(3.48) (3.49) (3.50) (3.49)
g2 0.001 0.007 -0.039 -0.038
(0.01) (0.12) (-0.52) (-0.50)
g3 -0.357 -0.346 -0.335 -0.335
(-6.99) (-6.77) (-5.32) (-5.32)
localu -0.016 -0.005
(-4.05) (-0.83)
marr 0.089 0.089
(0.77) (0.78)
age -0.012 -0.012
(-5.11) (-5.14)
less -0.067 -0.064
(-1.08) (-1.03)
coll -0.020 -0.018
(-0.29) (-0.26)
univ -0.060 -0.063
(-0.89) (-0.93)
atl -0.167 -0.140
(-1.92) (-1.50)
que -0.011 0.008
(-0.11) (0.07)
pra 0.151 0.151
(1.70) (1.70)
bct 0.069 0.074
(0.67) (0.72)
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TABLE 26

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Male Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 3,302 3,302 2,201 2,201
ei 0.097 0.095 0.167 0.167
(2.08) (2.04) (2.88) (2.89)
intro 0.188 0.189 0.223 0.224
(3.29) (3.30) (3.18) (3.18)
ql 0.194 0.196 0.224 0.224
(3.37) (3.40) (3.22) (3.20)
g2 -0.007 0.003 -0.062 -0.061
(-0.11) (0.04) (-0.78) (-0.77)
g3 -0.348 -0.332 -0.339 -0.338
(-6.56) (-6.24) (-5.18) (-5.17)
localu -0.017 -0.004
(-4.07) (-0.70)
marr 0.063 0.064
(0.51) (0.52)
age -0.011 -0.011
(-4.67) (-4.69)
less -0.056 -0.054
(-0.88) (-0.84)
coll -0.026 -0.024
(-0.37) (-0.34)
univ -0.017 -0.020
(-0.24) (-0.27)
atl -0.143 -0.119
(-1.57) (-1.23)
que 0.023 0.039
(0.22) (0.36)
pra 0.189 0.190
(2.02) (2.02)
bct 0.094 0.098
(0.88) (0.92)
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TABLE 27

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Male Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 288 288 150 150
ei -0.142 -0.141 -0.212 -0.213
(-0.91) (-0.90) (-0.96) (-0.96)
intro 0.080 0.079 0.187 0.189
(0.36) (0.35) (0.59) (0.59)
ql 0.119 0.119 0.443 0.446
(0.59) (0.59) (1.58) (1.59)
g2 -0.027 -0.027 0.064 0.075
(-0.13) (-0.13) (0.22) (0.24)
g3 -0.494 -0.491 -0.364 -0.366
(-2.48) (-2.45) (-1.25) (-1.26)
localu 0.003 -0.013
(0.14) (-0.30)
marr 0.388 0.386
(1.17) (1.16)
age -0.021 -0.021
(-2.22) (-2.23)
less -0.264 -0.258
(-0.82) (-0.80)
coll 0.079 0.071
(0.30) (0.27)
univ -0.396 -0.399
(-1.60) (-1.61)
atl -0.187 -0.162
(-0.52) (-0.43)
que -0.424 -0.376
(-1.01) (-0.84)
pra -0.198 -0.193
(-0.63) (-0.62)
bct -0.206 -0.203
(-0.54) (-0.54)
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TABLE 28

Cox Partial Likelihood Determinants of Unemployment Spells

Full Old (>24 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 5,422 5,422 3,751 3,751
ei 0.054 0.056 0.101 0.104
(1.49) (1.55) (2.33) (2.39)
intro 0.092 0.091 0.118 0.120
(1.98) (1.96) (2.09) (2.13)
ql 0.126 0.130 0.108 0.110
(2.76) (2.84) (1.94) (2.97)
g2 0.049 0.046 0.037 0.038
(1.04) (0.97) (0.66) (0.68)
g3 -0.329 -0.311 -0.310 -0.306
(-7.73) (-7.30) (-5.98) (-5.91)
localu -0.017 -0.008
(-5.29) (-1.72)
male 0.091 0.088
(2.32) (2.23)
marr 0.062 0.064
(0.60) (0.62)
less -0.131 -0.127
(-2.65) (-2.55)
coll 0.000 0.001
(0.00) (0.02)
univ 0.032 0.028
(0.60) (0.52)
atl -0.144 -0.099
(-2.20) (-1.40)
que -0.076 -0.048
(-0.96) (-0.60)
pra 0.126 0.126
(1.88) (1.89)
bct -0.024 -0.013
(-0.30) (-0.16)
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TABLE 29

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Old (>24 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 4,926 4,926 3,472 3,472
ei 0.057 0.061 0.107 0.111
(1.49) (1.61) (2.37) (2.46)
intro 0.102 0.102 0.108 0.111
(2.11) (2.10) (1.85) (1.91)
ql 0.140 0.145 0.098 0.101
(2.93) (3.04) (1.70) (1.75)
g2 0.076 0.074 0.054 0.055
(1.54) (1.50) (0.92) (0.94)
g3 -0.334 -0.311 -0.330 -0.325
(-7.48) (-6.95) (-6.09) (-6.00)
localu -0.019 -0.010
(-5.71) (-2.18)
male 0.074 0.069
(1.82) (1.68)
marr -0.005 -0.004
(-0.05) (-0.03)
less -0.121 -0.114
(-2.37) (-2.23)
coll 0.017 0.020
(0.29) (0.34)
univ 0.060 0.056
(2.07) (1.00)
atl -0.151 -0.090
(-2.20) (-1.22)
que -0.061 -0.025
(-0.75) (-0.30)
pra 0.156 0.158
(2.22) (2.24)
bct -0.042 -0.028
(-0.50) (-0.33)
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TABLE 30

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Old (>24 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 476 476 268 268
ei 0.011 0.013 0.023 0.028
(0.09) (0.11) (0.13) (0.16)
intro -0.053 -0.065 0.040 0.030
(-0.32) (-0.39) (0.17) (0.13)
ql -0.017 -0.031 0.318 0.312
(-0.11) (-0.19) (1.38) (1.36)
g2 -0.220 -0.234 -0.174 -0.245
(-1.37) (-1.45) (-0.76) (-1.06)
g3 -0.302 -0.313 0.048 0.056
(-2.04) (-2.11) (0.23) (0.27)
localu 0.021 0.052
(1.48) (2.29)
male 0.404 0.433
(2.68) (2.85)
marr 0.725 0.838
(2.97) (2.23)
less -0.286 -0.245
(-1.25) (-1.07)
coll 0.000 0.053
(0.00) (0.26)
univ -0.259 -0.205
(-1.33) (-1.04)
atl -0.060 -0.196
(-0.23) (-0.73)
que -0.658 -0.860
(-1.86) (-2.35)
pra -0.288 -0.302
(-1.26) (-1.33)
bct -0.170 -0.255
(-0.61) (-0.91)
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TABLE 31

Cox Partial Likelihood Determinants of Unemployment Spells

Full Young (<25 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 1,142 1,142 271 271
ei -0.045 -0.049 -0.029 -0.036
(-0.58) (-0.63) (-0.16) (-0.20)
intro 0.063 0.066 0.254 0.250
(0.66) (0.68) (1.29) (2.27)
ql 0.059 0.061 0.176 0.169
(0.58) (0.60) (0.80) (0.77)
g2 0.108 0.123 0.177 0.170
(1.13) (1.29) (0.84) (0.81)
g3 -0.304 -0.289 -0.080 -0.082
(-3.38) (-3.21) (-0.43) (-0.44)
localu -0.018 -0.009
(-2.44) (-0.41)
male -0.150 -0.147
(-0.82) (-0.81)
marr -0.104 -0.105
(-0.57) (-0.57)
less -0.262 -0.257
(-1.12) (-1.09)
coll -0.449 -0.445
(-2.47) (-2.44)
univ -0.256 -0.250
(-1.36) (-1.33)
atl -0.591 -0.547
(-1.94) (-1.70)
que -0.075 -0.050
(-0.23) (-0.15)
pra 0.000 -0.003
(0.00) (-0.01)
bct 0.033 0.041
(0.10) (0.12)
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TABLE 32

Cox Partial Likelihood Determinants of Unemployment Spells

SW/Oth Young (<25 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 1,016 1,016 225 225
ei -0.028 -0.030 0.000 0.000
(-0.34) (-0.37) (0.00) (0.00)
intro 0.063 0.063 0.210 0.213
(0.62) (0.62) (0.97) (0.98)
ql 0.035 0.036 0.141 0.146
(0.33) (0.33) (0.58) (0.60)
g2 0.183 0.199 0.160 0.167
(1.83) (1.98) (0.70) (0.72)
g3 -0.359 -0.339 -0.165 -0.166
(-3.73) (-3.51) (-0.80) (-0.80)
localu -0.017 0.006
(-2.22) (0.25)
male -0.120 -0.122
(-0.56) (-0.57)
marr -0.083 -0.084
(-0.41) (-0.41)
less -0.329 -0.333
(-1.24) (-1.26)
coll -0.374 -0.377
(-1.88) (-1.90)
univ -0.147 -0.151
(-0.71) (-0.73)
atl -0.531 -0.564
(-1.59) (-1.57)
que -0.173 -0.192
(-0.46) (-0.50)
pra 0.069 0.070
(0.22) (0.22)
bct 0.136 0.128
(0.38) (0.35)
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TABLE 33

Cox Partial Likelihood Determinants of Unemployment Spells

VQ/Dis Young (<25 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 123 123 46 46
ei -0.155 -0.149 -0.397 -0.661
(-0.60) (-0.57) (-0.75) (-1.18)
intro 0.112 0.165 0.963 0.781
(0.34) (0.50) 1.72) (1.37)
ql 0.259 0.282 0.838 0.745
(0.75) (0.81) (1.38) (1.23)
g2 -0.442 -0.407 0.414 0.367
(-1.33) (-1.22) (0.62) (0.57)
g3 0.008 -0.022 0.561 0.345
(0.03) (-0.08) (1.01) (0.61)
localu -0.024 -0.089
(-0.88) (-1.27)
male -0.520 -0.574
(-1.17) (-1.29)
marr 0.593 0.493
(1.04) (0.86)
less 0.233 0.309
(0.32) (0.42)
coll -1.045 -1.003
(-1.92) (-1.82)
univ -0.393 -0.360
(-0.77) (-0.72)
atl -0.078 -0.085
(-0.08) (-0.09)
que 1.475 1.322
(1.22) (1.10)
pra 0.537 0.365
(0.60) (0.40)
bct -0.217 -0.499
(-0.18) (-0.42)
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TABLE 34

Cox Partial Likelihood Determinants of Unemployment Spells

Full Sample
Pooled dataset, El & phase-in with equal effects
Model: 1 2 3 4
Sample
Full eipi 0.052 0.053 0.109 0.111
(1.72) (1.74) (2.80) (2.85)
# obs: 6,564 6,564 4,022 4,022
Female eipi -0.018 -0.014 0.030 0.034
(-0.39) (-0.30) (0.49) (0.56)
# obs: 2,968 2,968 1,668 1,668
Male eipi 0.114 0.112 0.171 0.171
(2.78) (2.72) (3.32) (3.33)
# obs: 3,598 3,598 2,356 2,356
Old eipi 0.065 0.066 0.106 0.109
(1.94) (1.98) (2.62) (2.68)
# obs: 5,422 5,422 3,751 3,751
Young eipi -0.010 -0.013 0.088 0.083
(-0.15) (-0.18) (0.57) (0.54)
# obs: 1,142 1,142 271 271
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TABLE 35

Alternative Parametric Models of Likelihood to
Study Determinants of Unemployment Spells

Full Sample
Pooled dataset, fully implemented El since January 1997
Parametric Model: 1 2 3 4
Model # obs: 6,564 6,564 4,022 4,022
Exponential ei 0.039 0.040 0.102 0.105
(1.19) (1.23) (2.44) (2.50)
intro 0.093 0.093 0.136 0.138
(2.24) (2.22) (2.54) (2.57)
Weibull ei 0.040 0.042 0.105 0.108
(1.23) (2.27) (2.50) (2.56)
intro 0.096 0.095 0.140 0.142
(2.29) (2.27) (2.60) (2.64)
p 1.039 1.041 1.049 1.05
(0.01) (0.01) (0.02) (0.02)
Gompertz ei 0.039 0.040 0.103 0.106
(1.19) (1.23) (2.45) (2.51)
intro 0.094 0.093 0.137 0.139
(2.24) (2.23) (2.55) (2.58)
gamma 0.000 0.000 0.001 0.001
(0.00) (0.00) (0.00) (0.00)
LogNormal ei 0.000 -0.001 -0.077 -0.080
(0.00) (-0.04) (-1.62) (-1.69)
intro -0.061 -0.063 -0.113 -0.117
(-1.26) (-1.31) (-1.85) (-1.92)
sigma 1.264 1.260 1.248 1.246
(0.01) (0.01) (0.02) (0.02)
LogLogistic ei -0.003 -0.004 -0.083 -0.085
(-0.09) (-0.12) (-1.77) (-1.83)
intro -0.064 -0.064 -0.118 -0.120
(-1.35) (-1.35) (-1.96) (-2.00)
gamma 0.731 0.727 0.719 0.718
(0.01) (0.01) (0.01) (0.01)
Gamma ei -0.021 -0.021 -0.092 -0.094
(-0.59) (-0.60) (-2.07) (-2.12)
intro -0.079 -0.078 -0.126 -0.128
(-1.76) (-1.74) (-2.22) (-2.25)
sigma 1.128 1.131 1.118 1121
(0.02) (0.02) (0.03) (0.03)
kappa 0.501 0.480 0.489 0.478
(0.05) (0.05) (0.07) (0.07)
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TABLE 36

Cox Partial Likelihood Model of Determinants of Unemployment Spells:
Model of Time-Varying Uninsured Spells

Full Sample
Pooled dataset, fully implemented El since January 1997
Model: 1 2 3 4
ei 0.039 0.040 0.10 0.102
(1.18) (1.22) (2.37) (2.42)
intro 0.091 0.090 0.133 0.135
(2.16) (2.15) (2.47) (2.50)
unins 0.204 0.176 0.124 0.118
(3.29) (2.84) (2.47) (1.40)
ql 0.119 0.122 0.118 0.119
(2.85) (2.92) (2.19) (2.22)
g2 0.063 0.063 0.050 0.051
(1.51) (1.50) (0.91) (0.93)
g3 -0.324 -0.307 -0.297 -0.294
(-8.43) (-7.98) (-5.97) (-5.90)
localu -0.017 -0.008
(-5.59) (-1.74)
male 0.074 0.071
(2.93) (1.87)
marr 0.028 0.029
(0.32) (0.33)
age -0.008 -0.008
(-4.49) (-4.50)
less -0.108 -0.104
(-2.22) (-2.12)
coll -0.054 -0.052
(-1.01) (-0.98)
univ -0.005 -0.009
(-0.10) (-0.17)
atl -0.162 -0.117
(-2.53) (-1.70)
que -0.063 -0.036
(-0.82) (-0.46)
pra 0.119 0.120
(1.83) (1.84)
bct -0.013 -0.002
(-0.16) (-0.02)
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TABLE 37

Cox Partial Likelihood Model of Determinants of Unemployed Spells:
Model of Time-Varying Benefit Exhaustion Effects

Full Sample
Pooled dataset, fully implemented El since January 1997
Model: 1 2 3 4
ei 0.036 0.038 0.10 0.102
(1.10) (1.16) (2.37) (2.42)
intro 0.089 0.090 0.135 0.136
(2.12) (2.14) (2.50) (2.53)
ql 0.113 0.120 0.119 0.120
(2.71) (2.88) (2.20) (2.23)
g2 0.061 0.063 0.050 0.051
(1.45) (1.49) (0.92) (0.93)
g3 -0.325 -0.308 -0.298 -0.295
(-8.46) (-7.99) (-5.98) (-5.92)
ben13 0.240 0.286 0.283
(2.86) (2.62) (2.59)
ben46 0.115 0.148 0.146
(1.49) (1.50) (1.48)
ben79 0.010 -0.012 -0.013
(0.14) (-0.13) (-0.13)
localu -0.017 -0.008
(-5.71) (-1.75)
male 0.075 0.072
(1.95) (1.89)
marr 0.027 0.028
(0.30) (0.32)
age -0.008 -0.008
(-4.48) (-4.49)
less -0.108 -0.104
(-2.22) (-2.12)
coll -0.054 -0.052
(-1.00) (-0.97)
univ -0.005 -0.008
(-0.09) (-0.16)
atl -0.163 -0.118
(-2.55) (-1.72)
que -0.065 -0.038
(-0.85) (-0.48)
pra 0.116 0.117
(1.78) (1.80)
bct -0.014 -0.003
(-0.19) (-0.04)
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TABLE 38

PGM Semiparametric Hazard Model of the Determinants of Unemployment Spells

Full Sample
Model: 1 2 3 4 5 6
ei 0.091 0.161 0.064 0.131 0.065 0.132
(9.94) (13.53) (7.02) (11.05) (7.03) (11.07)
intro 0.134 0.166 0.108 0.141 0.108 0.141
(12.09) (11.47) (9.63) (9.64) (9.66) (9.68)
ql -0.323 -0.325 -0.344 -0.345 -0.344 -0.346
(-27.50) (-21.25) (-29.25) (-22.58) (-29.25) (-22.58)
g2 -0.579 -0.569 -0.605 -0.595 -0.606 -0.595
(-47.78) (-36.25) (-49.93) (-37.92) (-49.95) (-37.95)
g3 -0.533 -0.534 -0.531 -0.532 -0.531 -0.532
(-53.54) (-40.69) (-53.06) (-40.32) (-53.07) (-40.34)
logdur -0.363 -0.367
(-91.35) (-70.94)
localu 0.004 0.004 0.004
(3.33) (2.95) (2.95)
male 0.195 0.181 0.182
(18.36) (17.02) (17.04)
maurr -0.069 -0.065 -0.065
(-2.81) (-2.65) (-2.64)
age -0.011 -0.011 -0.011
(-22.54) (-21.77) (-21.77)
less -0.028 -0.030 -0.030
(-2.08) (-2.23) (-2.26)
coll -0.138 -0.130 -0.131
(-9.01) (-8.52) (-8.52)
univ 0.048 0.051 0.051
(3.27) (3.44) (3.43)
atl -0.020 -0.020 -0.020
(-1.00) (-1.02) (-1.03)
que -0.036 -0.040 -0.040
(-1.63) (-1.82) (-1.82)
pra 0.204 0.187 0.187
(10.75) (9.85) (9.85)
bct -0.071 -0.077 -0.077
(-3.16) (-3.43) (-3.42)
dl -0.040 -0.042
(-7.15) (-5.93)
d2 0.002 0.002
(3.00) (2.89)
d3 0.000 0.000
(-3.28) (-3.35)
d4 0.000 0.000
(1.76) (2.34)
duration included
dummy included variables
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TABLE 39

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Sample
Cohorts 1 and 5 Experiment
Model: 1 2 3 4
# obs: 1,121 1,121 654 654
coh05 -0.026 -0.025 -0.044 -0.045
(-0.30) (-0.30) (-0.40) (-0.40)
localu -0.003 -0.003
(-0.36) (-0.27)
male -0.245 -0.244
(-2.27) (-2.25)
marr -0.338 -0.341
(-0.86) (-0.87)
age -0.003 -0.003
(-0.56) (-0.56)
less 0.024 0.030
(0.17) (0.22)
coll -0.264 -0.263
(-1.64) (-1.63)
univ -0.138 -0.137
(-0.88) (-0.88)
atl 0.270 0.287
(1.38) (1.40)
que -0.010 -0.002
(-0.04) (-0.01)
pra 0.149 0.150
(0.73) (0.73)
bct -0.10 -0.098
(-0.41) (-0.40)
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TABLE 40

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Sample
Cohorts 1 and 5 Experiment
Model: 1 2 3 4
# obs: 996 996 581 581
coh05 -0.031 -0.031 -0.038 -0.040
(-0.35) (-0.35) (-0.33) (-0.34)
localu -0.005 -0.009
(-0.59) (-0.67)
male -0.273 -0.270
(-2.42) (-2.40)
marr -0.367 -0.367
(-0.87) (-0.87)
age -0.002 -0.002
(-0.42) (-0.43)
less 0.044 0.061
(0.30) (0.41)
coll -0.193 -0.186
(-1.15) (-1.11)
univ -0.097 -0.093
(-0.59) (-0.56)
atl 0.317 0.359
(1.57) (1.70)
que -0.010 0.012
(-0.04) (0.05)
pra 0.182 0.186
(0.85) (0.87)
bct -0.061 -0.052
(-0.24) (-0.21)
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TABLE 41

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Sample
Cohorts 1 and 5 Experiment
Model: 1 2 3 4
# obs: 119 119 70 70
coh05 0.247 0.212 -0.010 -0.142
(0.73) (0.62) (-0.02) (-0.22)
localu 0.026 0.106
(0.76) (1.48)
male 0.459 0.511
(0.63) (0.72)
marr -0.460 0.059
(-0.32) (0.04)
age -0.014 -0.014
(-0.48) (-0.47)
less -1.296 -1.259
(-1.13) (-1.08)
coll -1.798 -1.786
(-1.96) (-1.86)
univ -1.431 -1.380
(-1.83) (-1.70)
atl -1.175 -1.549
(-0.99) (-1.25)
que -0.319 -0.542
(-0.29) (-0.48)
pra -0.661 -0.551
(-0.79) (-0.66)
bct -1.438 -1.445
(-1.17) (-1.27)
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TABLE 42

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Sample
Cohorts 1 and 9 Experiment
Model: 1 2 3 4
# obs: 969 969 575 575
coh09 0.105 0.106 0.069 0.072
(1.22) (1.23) (0.61) (0.63)
localu 0.008 0.005
(1.02) (0.44)
male -0.232 -0.227
(-2.13) (-2.07)
marr -0.362 -0.356
(-1.03) (-1.01)
age 0.000 0.000
(0.05) (0.03)
less 0.179 0.174
(1.32) (2.27)
coll -0.005 -0.015
(-0.03) (-0.09)
univ -0.018 -0.019
(-0.11) (-0.12)
atl 0.479 0.456
(2.00) (1.86)
que 0.353 0.342
(1.35) (1.30)
pra 0.461 0.470
(1.86) (1.89)
bct 0.312 0.313
(1.04) (1.05)
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TABLE 43

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Sample
Cohorts 1 and 9 Experiment
Model: 1 2 3 4
# obs: 863 863 529 529
coh09 0.091 0.092 0.039 0.041
(1.02) (1.02) (0.33) (0.35)
localu 0.010 0.004
(1.20) (0.37)
male -0.228 -0.223
(-2.00) (-1.94)
marr -0.394 -0.390
(-1.11) (-1.120)
age 0.002 0.002
(0.37) (0.35)
less 0.194 0.190
(1.37) (1.34)
coll 0.035 0.025
(0.20) (0.14)
univ -0.008 -0.009
(-0.05) (-0.05)
atl 0.471 0.451
(1.92) (1.79)
que 0.341 0.331
(1.26) (1.22)
pra 0.455 0.461
2.77) (1.79)
bct 0.259 0.260
(0.84) (0.84)
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TABLE 44

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Sample
Cohorts 1 and 9 Experiment
Model: 1 2 3 4
# obs: 103 103 44 44
coh09 0.308 0.325 1.620 1.892
(0.95) (1.00) (1.91) (2.06)
localu -0.028 0.283
(-0.81) (1.52)
male -0.347 -0.450
(-0.53) (-0.53)
marr 0.000 1.001
(0.0 (0.0
age -0.081 -0.106
(-2.11) (-2.59)
less 0.802 0.980
(0.92) (2.09)
coll -0.026 0.136
(-0.03) (0.15)
univ 0.579 0.967
(0.72) (1.11)
atl 0.943 0.358
(0.76) (0.27)
que -0.048 -0.307
(-0.04) (-0.25)
pra 0.583 1.654
(0.48) (1.18)
bct 2.350 2.836
(1.65) (1.89)
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TABLE 45

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Sample
Cohorts 2 and 6 Experiment
Model: 1 2 3 4
# obs: 1,469 1,469 921 921
coh06 0.018 0.015 0.006 0.005
(0.25) (0.20) (0.06) (0.06)
localu -0.007 -0.001
(-0.81) (-0.05)
male -0.058 -0.058
(-0.57) (-0.57)
marr 0.275 0.275
(1.25) (1.25)
age -0.010 -0.010
(-1.96) (-1.96)
less 0.272 0.272
(2.25) (2.25)
coll 0.110 0.111
(0.79) (0.79)
univ 0.076 0.076
(0.51) (0.51)
atl 0.289 0.292
(1.62) (1.54)
que 0.152 0.154
(0.74) (0.73)
pra 0.338 0.338
(1.80) (1.80)
bct 0.233 0.233
(1.08) (1.08)
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TABLE 46

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Sample
Cohorts 2 and 6 Experiment
Model: 1 2 3 4
# obs: 1,372 1,372 867 867
coh06 0.043 0.039 0.036 0.036
(0.56) (0.52) (0.37) (0.36)
localu -0.009 -0.002
(-1.04) (-0.14)
male -0.076 -0.076
(-0.71) (-0.72)
marr 0.343 0.344
(2.47) (2.47)
age -0.010 -0.010
(-2.00) (-2.00)
less 0.288 0.286
(2.34) (2.32)
coll 0.119 0.120
(0.84) (0.84)
univ 0.090 0.089
(0.58) (0.57)
atl 0.295 0.304
(1.65) (1.59)
que 0.146 0.152
(0.72) (0.72)
pra 0.325 0.324
(1.70) (1.70)
bct 0.199 0.20
(0.90) (0.91)
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TABLE 47

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Sample
Cohorts 2 and 6 Experiment
Model: 1 2 3 4
# obs: 92 92 51 51
coh06 -0.345 -0.346 -0.602 -0.552
(-1.02) (-1.02) (-1.02) (-0.84)
localu -0.003 0.031
(-0.05) (0.18)
male 0.172 0.239
(0.27) (0.32)
marr -22.735 -22.808
(0.0 (-13.18)
age 0.015 0.017
(0.50) (0.54)
less -0.075 -0.081
(-0.06) (-0.06)
coll 0.633 0.656
(0.64) (0.66)
univ 0.401 0.365
(0.63) (0.55)
atl -0.841 -0.577
(-0.64) (-0.37)
que -0.477 -0.370
(0.0 (0.0
pra 21.246 21.565
(16.08) (26.19)
bct 21.870 22.242
(15.84) (0.0
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TABLE 48

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Sample
Cohorts 2 and 10 Experiment
Model: 1 2 3 4
# obs: 1,335 1,335 816 816
coh10 0.038 0.031 -0.012 -0.013
(0.50) (0.41) (-0.12) (-0.13)
localu -0.010 -0.006
(-1.18) (-0.51)
male -0.066 -0.065
(-0.60) (-0.59)
marr 0.149 0.149
(0.65) (0.66)
age -0.002 -0.002
(-0.50) (-0.48)
less 0.199 0.190
(1.59) (1.50)
coll 0.036 0.033
(0.25) (0.23)
univ 0.064 0.059
(0.41) (0.37)
atl -0.044 -0.008
(-0.23) (-0.04)
que -0.239 -0.215
(-1.08) (-0.95)
pra 0.055 0.059
(0.27) (0.29)
bct -0.119 -0.111
(-0.53) (-0.50)
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TABLE 49

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Sample
Cohorts 2 and 10 Experiment
Model: 1 2 3 4
# obs: 1,240 1,240 763 763
coh10 0.077 0.071 0.042 0.041
(1.00) (0.91) (0.41) (0.42)
localu -0.010 -0.008
(-1.12) (-0.66)
male -0.079 -0.079
(-0.70) (-0.70)
marr 0.184 0.186
(0.77) (0.78)
age -0.004 -0.004
(-0.74) (-0.71)
less 0.221 0.208
(1.72) (1.60)
coll 0.031 0.026
(0.22) (0.18)
univ 0.054 0.049
(0.32) (0.29)
atl -0.045 0.003
(-0.23) (0.02)
que -0.246 -0.213
(-1.120) (-0.93)
pra 0.033 0.040
(0.16) (0.19)
bct -0.156 -0.144
(-0.68) (-0.63)
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TABLE 50

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Sample
Cohorts 2 and 10 Experiment
Model: 1 2 3 4
# obs: 92 92 52 52
coh10 -0.663 -0.585 -1.859 -1.923
(-1.86) (-1.61) (-2.23) (-2.27)
localu -0.058 0.237
(-1.01) (2.00)
male -0.108 0.040
(-0.13) (0.05)
marr -1.253 -1.175
(-1.02) (-0.89)
age -0.032 -0.026
(-0.89) (-0.73)
less 0.235 0.393
(0.23) (0.39)
coll 1.098 1.109
(0.97) (0.98)
univ 1.388 1524
(1.66) (1.81)
atl -2.434 -2.880
(-1.54) (-1.77)
que -1.868 -2.769
(-0.99) (-1.29)
pra -0.845 -1.016
(-0.54) (-0.64)
bct -0.880 -1.197
(-0.62) (-0.82)
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TABLE 51

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Sample
Cohorts 3 and 7 Experiment
Model: 1 2 3 4
# obs: 1,362 1,362 834 834
coh07 -0.037 -0.030 -0.075 -0.064
(-0.49) (-0.40) (-0.77) (-0.65)
localu -0.009 -0.008
(-1.12) (-0.73)
male -0.264 -0.268
(-2.67) (-2.70)
marr -0.124 -0.121
(-0.57) (-0.56)
age 0.001 0.001
(0.30) (0.27)
less -0.004 0.003
(-0.03) (0.03)
coll 0.026 0.029
(0.18) (0.20)
univ -0.174 -0.177
(-1.25) (-1.27)
atl 0.138 0.175
(0.73) (0.89)
que 0.198 0.221
(0.91) (1.01)
pra 0.282 0.281
(1.40) (1.39)
bct 0.169 0.175
(0.75) (0.78)
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TABLE 52

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Sample
Cohorts 3 and 7 Experiment
Model: 1 2 3 4
# obs: 1,240 1,240 771 771
coh07 -0.031 -0.025 -0.096 -0.088
(-0.39) (-0.32) (-0.96) (-0.86)
localu -0.006 -0.006
(-0.82) (-0.55)
male -0.264 -0.269
(-2.56) (-2.59)
marr -0.056 -0.053
(-0.24) (-0.22)
age 0.003 0.003
(0.67) (0.63)
less -0.052 -0.045
(-0.41) (-0.36)
coll -0.027 -0.024
(-0.18) (-0.17)
univ -0.220 -0.223
(-1.53) (-1.54)
atl 0.137 0.167
(0.72) (0.84)
que 0.161 0.179
(0.73) (0.80)
pra 0.238 0.239
(1.16) (1.16)
bct 0.193 0.199
(0.86) (0.88)

EIl Impacts on Unemployment Durations and Benefit Receipt




TABLE 53

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Sample
Cohorts 3 and 7 Experiment
Model: 1 2 3 4
# obs: 119 119 61 61
coh07 -0.194 -0.149 0.105 0.326
(-0.67) (-0.51) (0.22) (0.58)
localu -0.029 -0.076
(-0.75) (-0.97)
male -0.257 0.049
(-0.52) (0.08)
marr -0.952 -0.594
(-1.41) (-0.79)
age -0.022 -0.020
(-0.92) (-0.82)
less 0.661 0.388
(1.25) (0.65)
coll 1.081 1.089
(1.34) (1.34)
univ 0.235 -0.004
(0.37) (-0.01)
atl 19.836 20.820
(0.0 (0.0
que 20.223 21.450
(27.58) (27.44)
pra 20.686 21.475
(34.02) (32.88)
bct -24.371 -22.019
(0.0 (0.00)
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TABLE 54

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Sample
Cohorts 4 and 8 Experiment
Model: 1 2 3 4
# obs: 1,394 1,394 883 883
coh08 -0.073 -0.073 -0.011 -0.012
(-0.92) (-0.93) (-0.11) (-0.12)
localu 0.002 0.002
(0.27) (0.22)
male -0.004 -0.003
(-0.04) (-0.03)
marr -0.530 -0.528
(-1.77) (-1.77)
age 0.002 0.002
(0.38) (0.40)
less 0.005 0.003
(0.04) (0.03)
coll 0.150 0.152
(1.01) (1.02)
univ -0.063 -0.060
(-0.45) (-0.43)
atl 0.049 0.034
(0.29) (0.19)
que -0.348 -0.352
(-1.63) (-1.65)
pra 0.155 0.158
(0.84) (0.85)
bct -0.137 -0.139
(-0.70) (-0.71)
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TABLE 55

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Sample
Cohorts 4 and 8 Experiment
Model: 1 2 3 4
# obs: 1,240 1,240 802 802
coh08 -0.073 -0.074 -0.053 -0.057
(-0.88) (-0.89) (-0.50) (-0.55)
localu 0.004 0.007
(0.58) (0.57)
male -0.015 -0.014
(-0.15) (-0.13)
marr -0.436 -0.434
(-1.33) (-1.33)
age 0.001 0.001
(0.18) (0.22)
less -0.033 -0.038
(-0.25) (-0.28)
coll 0.091 0.094
(0.57) (0.60)
univ -0.097 -0.091
(-0.65) (-0.60)
atl 0.102 0.062
(0.56) (0.32)
que -0.271 -0.281
(-1.19) (-1.24)
pra 0.123 0.133
(0.61) (0.65)
bct -0.083 -0.087
(-0.39) (-0.41)
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TABLE 56

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Sample
Cohorts 4 and 8 Experiment
Model: 1 2 3 4
# obs: 148 148 79 79
coh08 -0.074 -0.095 0.008 -0.007
(-0.31) (-0.39) (0.02) (-0.02)
localu -0.022 -0.059
(-0.86) (-1.14)
male -0.080 -0.134
(-0.22) (-0.36)
marr -2.964 -2.989
(-1.55) (-1.59)
age 0.018 0.013
(2.07) (0.72)
less 0.251 0.280
(0.44) (0.49)
coll 0.264 0.219
(0.46) (0.38)
univ 0.047 -0.039
(0.09) (-0.08)
atl -0.275 -0.040
(-0.54) (-0.07)
que -2.715 -2.609
(-1.45) (-1.41)
pra 0.553 0.527
(2.03) (0.99)
bct -0.685 -0.536
(-0.98) (-0.76)
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TABLE 57

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 6,564 6,564 4,022 4,022
ei 0.011 0.012 0.005 0.006
(0.29) (0.30) (0.11) (0.12)
intro -0.040 -0.040 -0.054 -0.054
(-0.79) (-0.79) (-0.83) (-0.83)
ql -0.102 -0.101 -0.041 -0.041
(-2.02) (-2.00) (-0.64) (-0.64)
g2 0.006 0.007 0.057 0.057
(0.11) (0.13) (0.86) (0.86)
g3 0.099 0.10 0.132 0.133
(2.24) (2.27) (2.32) (2.32)
localu -0.002 -0.001
(-0.70) (-0.22)
male -0.133 -0.133
(-2.94) (-2.94)
marr -0.106 -0.106
(-0.93) (-0.93)
age -0.002 -0.002
(-0.79) (-0.80)
less 0.107 0.108
(1.91) (1.92)
coll 0.023 0.023
(0.35) (0.35)
univ -0.047 -0.048
(-0.73) (-0.73)
atl 0.166 0.172
(2.03) (2.00)
que 0.023 0.026
(0.24) (0.27)
pra 0.213 0.213
(2.46) (2.45)
bct 0.064 0.065
(0.66) (0.67)
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TABLE 58

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 5,942 5,942 3,697 3,697
ei 0.023 0.023 0.002 0.003
(0.55) (0.56) (0.04) (0.05)
intro -0.029 -0.028 -0.041 -0.040
(-0.55) (-0.55) (-0.61) (-0.61)
ql -0.123 -0.122 -0.055 -0.055
(-2.35) (-2.33) (-0.82) (-0.82)
g2 -0.007 -0.006 0.035 0.036
(-0.12) (-0.11) (0.51) (0.51)
g3 0.090 0.091 0.119 0.119
(2.97) (2.99) (2.02) (2.02)
localu -0.002 -0.001
(-0.44) (-0.25)
male -0.146 -0.147
(-3.09) (-3.10)
marr -0.055 -0.055
(-0.45) (-0.45)
age -0.002 -0.002
(-0.70) (-0.70)
less 0.102 0.102
2.77) (1.78)
coll 0.020 0.020
(0.29) (0.30)
univ -0.049 -0.050
(-0.72) (-0.73)
atl 0.186 0.193
(2.20) (2.17)
que 0.024 0.028
(0.25) (0.28)
pra 0.206 0.206
(2.27) (2.27)
bct 0.082 0.083
(0.81) (0.82)
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TABLE 59

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 599 599 314 314
ei -0.117 -0.108 0.005 0.012
(-0.82) (-0.75) (0.02) (0.06)
intro -0.105 -0.095 -0.247 -0.222
(-0.53) (-0.47) (-0.80) (-0.71)
ql 0.251 0.261 0.212 0.221
(1.20) (1.24) (0.73) (0.76)
g2 0.228 0.264 0.393 0.425
(1.17) (1.35) (1.38) (1.48)
g3 0.238 0.246 0.358 0.364
(1.35) (1.39) (1.32) (1.33)
localu -0.024 -0.017
(-1.59) (-0.67)
male -0.125 -0.116
(-0.62) (-0.57)
marr -0.620 -0.607
(-1.76) (-1.72)
age -0.008 -0.008
(-0.82) (-0.90)
less 0.151 0.129
(0.59) (0.50)
coll 0.042 0.032
(0.15) (0.11)
univ 0.018 -0.009
(0.07) (-0.03)
atl -0.201 -0.145
(-0.55) (-0.39)
que -0.129 -0.076
(-0.31) (-0.18)
pra 0.271 0.260
(0.79) (0.76)
bct -0.080 -0.048
(-0.19) (-0.11)
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TABLE 60

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Female Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 2,968 2,968 1,668 1,668
ei 0.007 0.004 -0.041 -0.048
(0.12) (0.07) (-0.52) (-0.62)
intro -0.092 -0.094 -0.162 -0.160
(-1.20) (-1.23) (-1.56) (-1.54)
ql -0.135 -0.139 0.049 0.047
(-1.77) (-1.82) (0.46) (0.44)
g2 -0.043 -0.048 0.004 0.003
(-0.56) (-0.62) (0.04) (0.02)
g3 0.118 0.114 0.228 0.222
(1.73) (1.67) (2.38) (2.32)
localu 0.006 0.010
(1.15) (1.29)
marr -0.174 -0.184
(-1.02) (-1.08)
age -0.004 -0.004
(-1.08) (-1.07)
less 0.249 0.245
(2.77) (2.71)
coll 0.116 0.117
(2.07) (1.08)
univ 0.002 0.007
(0.02) (0.07)
atl 0.249 0.195
(2.03) (1.50)
que 0.064 0.040
(0.45) (0.28)
pra 0.208 0.212
(1.59) (1.62)
bct 0.276 0.263
2.77) (1.69)
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TABLE 61

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Female Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 2,641 2,641 1,496 1,496
ei 0.006 0.002 -0.071 -0.078
(0.09) (0.03) (-0.87) (-0.96)
intro -0.079 -0.084 -0.150 -0.149
(-0.99) (-1.04) (-1.37) (-1.36)
ql -0.150 -0.155 0.032 0.029
(-1.88) (-1.95) (0.29) (0.27)
g2 -0.059 -0.064 -0.017 -0.016
(-0.72) (-0.79) (-0.16) (-0.15)
g3 0.126 0.121 0.221 0.217
(1.76) (1.68) (2.22) (2.17)
localu 0.008 0.009
(1.49) (1.12)
marr -0.082 -0.093
(-0.44) (-0.50)
age -0.004 -0.004
(-1.09) (-1.08)
less 0.214 0.209
(2.28) (2.22)
coll 0.090 0.091
(0.79) (0.80)
univ -0.030 -0.026
(-0.27) (-0.24)
atl 0.304 0.252
(2.35) (1.84)
que 0.10 0.078
(0.67) (0.52)
pra 0.211 0.212
(1.51) (1.52)
bct 0.309 0.298
(1.88) (1.82)
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TABLE 62

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Female Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 312 312 166 166
ei -0.032 -0.012 0.40 0.403
(-0.16) (-0.06) (1.29) (1.32)
intro -0.134 -0.124 -0.382 -0.464
(-0.50) (-0.47) (-0.97) (-1.15)
ql 0.040 0.043 0.361 0.377
(0.14) (0.15) (0.81) (0.85)
g2 0.121 0.171 0.162 0.057
(0.46) (0.64) (0.41) (0.14)
g3 0.027 0.053 0.336 0.309
(0.11) (0.22) (0.90) (0.83)
localu -0.022 0.034
(-1.13) (1.09)
marr -1.460 -1.566
(-2.76) (-2.90)
age -0.010 -0.009
(-0.71) (-0.66)
less 0.80 0.962
(2.07) (2.31)
coll 0.483 0.550
(1.22) (1.36)
univ 0.503 0.642
(1.32) (1.57)
atl -0.551 -0.706
(-1.18) (-1.44)
que -0.625 -0.758
(-1.14) (-1.35)
pra 0.107 0.104
(0.23) (0.22)
bct 0.113 -0.007
(0.22) (-0.01)
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TABLE 63

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Male Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 3,598 3,598 2,356 2,356
ei 0.018 0.015 0.039 0.041
(0.34) (0.28) (0.59) (0.63)
intro -0.006 -0.008 -0.005 -0.002
(-0.09) (-0.13) (-0.06) (-0.02)
ql -0.086 -0.084 -0.102 -0.102
(-1.28) (-1.24) (-1.23) (-1.23)
g2 0.026 0.028 0.123 0.125
(0.37) (0.40) (1.38) (1.412)
g3 0.077 0.081 0.068 0.068
(1.32) (1.40) (0.94) (0.94)
localu -0.009 -0.009
(-1.88) (-1.41)
marr -0.041 -0.044
(-0.26) (-0.29)
age 0.000 0.000
(-0.03) (-0.08)
less 0.003 0.007
(0.04) (0.10)
coll -0.028 -0.024
(-0.34) (-0.29)
univ -0.057 -0.060
(-0.67) (-0.70)
atl 0.106 0.154
(0.95) (1.33)
que -0.013 0.019
(-0.10) (0.14)
pra 0.211 0.209
(1.80) (1.79)
bct -0.075 -0.067
(-0.58) (-0.52)
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TABLE 64

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Male Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 3,302 3,302 2,201 2,201
ei 0.039 0.037 0.048 0.051
(0.72) (0.68) (0.72) (0.75)
intro 0.004 0.002 -0.001 0.002
(0.06) (0.03) (-0.01) (0.02)
ql -0.110 -0.108 -0.109 -0.109
(-1.59) (-1.56) (-1.28) (-1.28)
g2 0.020 0.023 0.107 0.109
(0.27) (0.32) (1.17) (1.20)
g3 0.057 0.062 0.053 0.053
(0.95) (2.03) (0.72) (0.72)
localu -0.009 -0.008
(-1.80) (-1.24)
marr -0.017 -0.021
(-0.11) (-0.13)
age 0.000 0.000
(0.05) (0.01)
less 0.019 0.023
(0.26) (0.32)
coll -0.015 -0.011
(-0.18) (-0.13)
univ -0.043 -0.045
(-0.48) (-0.51)
atl 0.108 0.152
(0.95) (1.28)
que -0.031 -0.003
(-0.24) (-0.02)
pra 0.206 0.204
(1.72) (1.69)
bct -0.058 -0.050
(-0.44) (-0.38)

EIl Impacts on Unemployment Durations and Benefit Receipt




TABLE 65

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Male Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 288 288 150 150
ei -0.215 -0.219 -0.063 -0.153
(-0.99) (-1.01) (-0.17) (-0.39)
intro -0.055 -0.049 0.206 0.299
(-0.18) (-0.16) (0.35) (0.51)
ql 0.497 0.525 0.033 0.350
(1.61) (1.68) (0.08) (0.78)
g2 0.314 0.330 0.461 0.567
(1.08) (1.13) (2.03) (1.24)
g3 0.465 0.443 0.486 0.566
2.77) (1.68) (2.07) (1.24)
localu -0.032 -0.115
(-1.24) (-1.90)
marr -0.049 0.008
(-0.10) (0.02)
age 0.004 0.002
(0.27) (0.13)
less -0.769 -0.632
(-1.66) (-1.34)
coll -0.598 -0.635
(-1.13) (-1.21)
univ -0.668 -0.621
(-1.73) (-1.63)
atl 0.076 0.248
(0.12) (0.39)
que 0.620 1.019
(0.89) (1.412)
pra 0.171 0.131
(0.28) (0.22)
bct -1.077 -1.105
(-1.26) (-1.26)
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TABLE 66

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Old (>24 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 5,422 5,422 3,751 3,751
ei 0.020 0.020 0.014 0.014
(0.47) (0.47) (0.28) (0.28)
intro -0.055 -0.055 -0.069 -0.069
(-1.00) (-1.00) (-1.04) (-1.04)
ql -0.090 -0.089 -0.042 -0.042
(-1.63) (-1.63) (-0.64) (-0.64)
g2 0.034 0.035 0.063 0.063
(0.60) (0.61) (0.92) (0.92)
g3 0.114 0.115 0.129 0.129
(2.37) (2.38) (2.20) (2.19)
localu -0.001 0.000
(-0.32) (0.00)
male -0.129 -0.129
(-2.81) (-2.81)
marr -0.161 -0.161
(-1.26) (-1.26)
less 0.093 0.093
(1.66) (1.66)
coll 0.025 0.025
(0.37) (0.37)
univ -0.046 -0.046
(-0.69) (-0.69)
atl 0.168 0.168
(2.03) (2.93)
que 0.022 0.022
(0.23) (0.23)
pra 0.204 0.204
(2.31) (2.31)
bct 0.066 0.066
(0.67) (0.66)
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TABLE 67

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Old (>24 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 4,926 4,926 3,472 3,472
ei 0.030 0.030 0.009 0.009
(0.68) (0.68) (0.18) (0.18)
intro -0.042 -0.042 -0.058 -0.058
(-0.73) (-0.73) (-0.85) (-0.85)
ql -0.115 -0.115 -0.060 -0.060
(-2.03) (-2.02) (-0.88) (-0.88)
g2 0.020 0.020 0.038 0.038
(0.33) (0.33) (0.54) (0.54)
g3 0.098 0.098 0.114 0.114
(1.96) (2.97) (1.88) (1.88)
localu -0.001 0.000
(-0.17) (-0.06)
male -0.140 -0.140
(-2.94) (-2.94)
marr -0.126 -0.126
(-0.94) (-0.94)
less 0.097 0.097
(1.69) (1.69)
coll 0.032 0.033
(0.46) (0.46)
univ -0.037 -0.037
(-0.53) (-0.53)
atl 0.184 0.186
(2.15) (2.07)
que 0.014 0.015
(0.14) (0.15)
pra 0.195 0.195
(2.12) (2.12)
bct 0.088 0.088
(0.86) (0.86)
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TABLE 68

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Old (>24 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 476 476 268 268
ei -0.114 -0.122 0.032 0.041
(-0.70) (-0.74) (0.14) (0.18)
intro -0.132 -0.142 -0.158 -0.131
(-0.59) (-0.63) (-0.48) (-0.39)
ql 0.347 0.349 0.225 0.229
(1.45) (1.45) (0.69) (0.70)
g2 0.320 0.339 0.576 0.608
(1.40) (1.48) (1.74) (1.81)
g3 0.380 0.398 0.347 0.347
(1.86) (1.94) (1.19) (1.19)
localu -0.018 -0.015
(-1.03) (-0.56)
male -0.051 -0.042
(-0.24) (-0.20)
marr -0.193 -0.181
(-0.42) (-0.39)
less -0.115 -0.142
(-0.41) (-0.50)
coll -0.298 -0.319
(-0.96) (-1.02)
univ -0.294 -0.327
(-1.06) (-1.16)
atl 0.019 0.080
(0.05) (0.20)
que 0.313 0.379
(0.72) (0.84)
pra 0.456 0.456
(1.25) (1.25)
bct -0.216 -0.191
(-0.50) (-0.44)

EIl Impacts on Unemployment Durations and Benefit Receipt



TABLE 69

Cox Partial Likelihood Determinants of UI/El Benefit Spells

Full Young (<25 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 1,142 1,142 271 271
ei -0.030 -0.030 -0.257 -0.274
(-0.30) (-0.30) (-1.120) (-1.27)
intro 0.031 0.040 0.163 0.140
(0.26) (0.33) (0.59) (0.51)
ql -0.164 -0.156 -0.010 -0.001
(-1.25) (-1.18) (-0.04) (0.00)
g2 -0.121 -0.103 -0.058 -0.079
(-0.96) (-0.81) (-0.20) (-0.27)
g3 0.021 0.023 0.229 0.214
(0.19) (0.22) (0.89) (0.83)
localu -0.009 -0.038
(-1.02) (-1.20)
male -0.096 -0.085
(-0.36) (-0.31)
marr 0.017 0.068
(0.06) (0.25)
less 0.290 0.278
(0.92) (0.88)
coll 0.071 0.113
(0.29) (0.46)
univ 0.050 0.072
(0.19) (0.28)
atl 0.201 0.436
(0.27) (0.57)
que 0.012 0.105
(0.02) (0.14)
pra 0.425 0.407
(0.58) (0.55)
bct -0.084 -0.031
(-0.11) (-0.04)
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TABLE 70

Cox Partial Likelihood Determinants of UI/El Benefit Spells

SW/Oth Young (<25 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 1,016 1,016 225 225
ei -0.016 -0.017 -0.254 -0.256
(-0.15) (-0.16) (-0.95) (-0.96)
intro 0.033 0.037 0.211 0.204
(0.26) (0.29) (0.72) (0.69)
ql -0.162 -0.157 0.041 0.055
(-1.18) (-1.14) (0.13) (0.18)
g2 -0.130 -0.119 -0.061 -0.082
(-0.96) (-0.87) (-0.19) (-0.25)
g3 0.047 0.051 0.232 0.207
(0.42) (0.45) (0.84) (0.75)
localu -0.006 -0.034
(-0.67) (-0.93)
male -0.146 -0.170
(-0.45) (-0.52)
marr 0.187 0.223
(0.60) (0.72)
less 0.226 0.195
(0.62) (0.53)
coll -0.126 -0.104
(-0.45) (-0.37)
univ -0.122 -0.110
(-0.43) (-0.39)
atl 0.286 0.512
(0.38) (0.65)
que 0.240 0.334
(0.30) (0.41)
pra 0.431 0.425
(0.58) (0.57)
bct -0.120 -0.060
(-0.15) (-0.08)
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TABLE 71

Cox Partial Likelihood Determinants of UI/El Benefit Spells

VQ/Dis Young (<25 years) Sample
Pooled dataset, phase-in and fully implemented EIl
Model: 1 2 3 4
# obs: 123 123 46 46
ei -0.134 -0.013 1.182 1.903
(-0.42) (-0.04) (1.06) (1.63)
intro 0.025 0.176 -0.393 0.937
(0.05) (0.37) (-0.25) (0.52)
ql -0.088 -0.016 0.393 0.618
(-0.18) (-0.03) (0.32) (0.43)
g2 -0.025 0.112 0.694 1.315
(-0.07) (0.29) (0.62) (2.03)
g3 -0.210 -0.320 1.353 0.680
(-0.57) (-0.85) (0.92) (0.49)
localu -0.059 -0.246
(-1.73) (-1.57)
male -1.706 -2.240
(-1.51) (-1.95)
marr -2.986 -2.467
(-2.16) (-1.86)
less 0.461 1.429
(0.24) (0.68)
coll 3411 4.424
(2.24) (2.40)
univ 2.713 3.259
(2.32) (2.40)
atl -1.957 -2.452
(-1.26) (-1.43)
que -1.353 -1.356
(-0.74) (0.0
pra 0.542 -0.10
(0.38) (-0.06)
bct -0.140 -0.337
(0.0 (-0.17)
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TABLE 72

Cox Partial Likelihood Determinants of Unemployment Spells

Full Sample
Pooled dataset, El & Phase-in (since July 1996)
Model: 1 2 3 4
Sample
Full eipi -0.004 -0.003 -0.011 -0.011
(-0.10) (-0.09) (-0.24) (-0.24)
# obs: 6,564 6,564 4,022 4,022
Female eipi -0.021 -0.024 -0.074 -0.080
(-0.39) (-0.44) (-1.03) (-1.10)
# obs: 2,968 2,968 1,668 1,668
Male eipi 0.011 0.008 0.026 0.029
(0.22) (0.16) (0.43) (0.47)
# obs: 3,598 3,598 2,356 2,356
o eipi -0.002 -0.002 -0.009 -0.009
(-0.04) (-0.04) (-0.19) (-0.19)
# obs: 5,422 5,422 3,751 3,751
Young eipi -0.010 -0.008 -0.109 -0.129
(-0.11) (-0.08) (-0.53) (-0.62)
# obs: 1,142 1,142 271 271
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TABLE 73

Alternative Parametric Models of Likelihood to Study
Determinants of Unemployment Spells

Full Sample
Pooled dataset, fully implemented El since January 1997
Parametric Model: 1 2 3 4
Model # obs: 6,564 6,564 4,022 4,022
Exponential ei 0.053 0.053 0.063 0.065
(1.36) (1.36) (1.28) (1.30)
intro -0.021 -0.021 -0.047 -0.046
(-0.42) (-0.42) (-0.72) (-0.71)
Weibull ei 0.010 0.010 0.020 0.022
(0.25) (0.26) (0.42) (0.44)
intro -0.037 -0.037 -0.049 -0.049
(-0.73) (-0.73) (-0.76) (-0.75)
p 6.635 6.634 7.022 7.021
(0.10) (0.10) (0.13) (0.13)
Gompertz ei 0.009 0.009 0.016 0.017
(0.23) (0.24) (0.32) (0.33)
intro -0.036 -0.036 -0.049 -0.049
(-0.72) (-0.72) (-0.76) (-0.75)
gamma 0.171 0.171 0.181 0.181
(0.00) (0.00) (0.00) (0.00)
LogNormal ei 0.006 0.006 -0.005 -0.006
(0.53) (0.55) (-0.37) (-0.44)
intro 0.024 0.025 0.028 0.027
(1.76) (1.81) (1.62) (1.60)
sigma 0.300 0.299 0.291 0.291
(0.00) (0.00) (0.00) (0.00)
LogLogistic ei 0.004 0.004 0.000 -0.001
(0.46) (0.45) (-0.03) (-0.07)
intro 0.018 0.018 0.017 0.017
(1.66) (1.68) (1.33) (1.32)
gamma 0.138 0.138 0.130 0.130
(0.00) (0.00) (0.00) (0.00)
Gamma ei 0.000 0.000 0.000 0.000
(0.00) (0.00) (-0.31) (-0.09)
intro 0.000 0.000 0.000 -0.001
(0.00) (0.00) (-0.17) (-0.04)
sigma 0.304 0.304 0.001 0.001
(0.00) (0.00) (0.00) (0.00)
kappa -0.010 -0.010 149.371 204.822
(0.00) (0.00) (1.86) (0.00)
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